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1. Introduction 

 

When a user makes a flight reservation on the Finnair website, a messenger chatbot appears on the 

screen with a waving emoji. The following text appears in the speech bubble: “Hi there! My name’s 

Finn and I’m Finnair’s non-human chatbot assistant – at your service 24/7. I can assist you with 

many things! Check out my abilities below.”(Finnair chatbot). The chatbot offers users all kinds of 

help, such as booking flights, contacting customer service, answering questions and checking their 

flight status. Finn is one of many such programmes; on various platforms, we meet all kinds of 

conversational agents, text- or voice-based social bots, software avatars, conversational bots and 

virtual assistants that are designed to perform a number of tasks, including fun and play. We read 

texts produced by automated writing software, such as newswriting programs. These programs and 

devices have become commonplace, especially through commercial voice-based intelligent virtual 

assistants Siri and Alexa. Siri, operating on Apple devices, can perform various tasks, such as 

sending text messages and searching for information (Guzman 2017). Alexa, created by Amazon, 

can execute a wide range of tasks on different devices. Inevitably, the question of how the 

interaction based on artificial intelligence (AI) operates between machines and humans becomes a 

crucial interesting topic for linguists.  

 

This study examines what happens in interactions between human users and online chatbots. Its 

principal aim is to describe the nature of interactional features that emerge when a human and an 

AI-based chatbot engage in a discussion. This question resembles one of the longstanding questions 

in the field of AI: Can machines think? In other words, how “intelligent” could a conversation with 

a machine be? In the Turing test (1950), participants evaluate how “human-like” the interaction is. 

In other words, how “intelligent” could a conversation with a machine be (ibid.). In this well-known 

test, humans evaluate how well AI performs in producing linguistically plausible sentences in a 
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text-based dyadic discussion, evaluated by participants. Although testing the communicative nature 

of human-chatbot interaction is not within the scope of this study, the study explains how 

communication between a human and an AI-based program could be addressed from interactional 

and pragmatic perspectives.  

 

According to Guzman (2018: 87), conceptualisations around AI have developed within the context 

of technological development work where it will contribute to the “ultimate goal of AI that [is]  yet 

to be realized”. This has been mostly a technical endeavour (Guzman 2018: 87). The philosophical 

problem of AI as a moral machine – that is, whether AI-based systems should be considered moral 

agents – remains unresolved because its discussion leads to the essentialisation of “machines” as 

agents (Gunkel 2012: 88-91, Gunkel 2020).  Instead, recently, Gunkel (2020) proposed that ethical 

considerations should target how we as humans relate to AI-based systems and how we respond to 

them in social situations. This view comes close to the situated and contextual views of discursive 

meaning-making. A similar view has emerged in communication and media studies. Guzman and 

Lewis (2020) proposed a new area of research in which the interactions between people and AI are 

studied as a communicative question (See Section 2.2.). This is a research gap within interactional 

linguistics, conversation analysis and digital discourse analysis that will be approached in this 

study.  

 

Entertainment chatbots are the kind that is created for users for fun; they are not performing any 

service tasks as their peers elsewhere, such as Finn. This paper focuses on three entertainment 

chatbots: Cleverbot, Eviebot and Boibot. The main aim is to determine what kind of interactional 

sequences are established between users and entertainment chatbots. The data consist of text-based 

verbal interactions between humans and the aforementioned chatbots collected in a recorded 

experiment. The interaction collected for the data resemble ordinary conversations as that their 

topics and turn-taking were not restricted. The theoretical and methodological frameworks of the 

study are based on the view which considers interaction and discourse as technologically mediated 

communicative activities where participants enact meaning in social contexts (Jones et al. 2015). 

The study adopts an approach based on digital discourse analysis as well on interdisciplinarity 

drawing on interactional sociolinguistics and conversation analysis. The research questions are as 

follows: First, what kinds of interactional features characterise AI-based communication, and what 

kind of topical continuity is established in the organisation of the sequences will be in the focus of 

analysis. Second, are collaborative activities enacted in this interaction between a human and a 



3 

 

 

conversational agent? If yes, what kind of “human-like” shared understanding is achieved? If no, 

what takes place? The analysis will reveal that the shared understanding is at best simulated.  

 

This paper is structured as follows: In Section 2, I briefly discuss the development of chatbots will 

be discussed, the communicative perspective on chatbots in research and human-machine 

communication (HMC) as a linguistic question. In Section 3, a profile of the chatbots included in 

this study is presented as well as the data and methods. In Section 4, I present the analysis first of 

the topics in which sequences that are based on ritualised turn-taking and sequentiality, open-ended 

questions and sequences in which virtual world and reality are being mixed by the participants. In 

Section 5, the analysis focuses on disrupted sequentiality in which the human participant tries to 

make their best in understanding what is taking place and how the chatbots fail in keeping up in the 

digital interaction. In the last part of the analysis, in Section 6, the incoherent sequences are being 

studied. The paper ends with concluding remarks in Section 7.  

 

 

2. Human-Chatbot interaction  

 

In this Section, I will first consider what kind of studies have been made in the field of the Human-

Machine Communication (HMC) and evaluate their relevance to the present study and in the field 

of digital discourse analysis. The question of how human-chatbot interaction should be approached 

within a theoretical approach of communicative activity is being discussed as well.  

 

2.1. Overview of literature and the communicative perspective on Human-Machine 

Communication (HMC)  

 

As chatbots, conversational agents and other virtual assistants have been designed and studied 

especially in technology-related fields and user studies, the literature overview has to start with 

them. Their interaction, social presence and users’ perceptions of them have been studied in internet 

technology, user design and social psychology (Araujo 2018: 185). The field of Human-Computer 

Interaction (HCI) investigates the design of interaction with computerised machines guided by the 

principles of safe and comfortable use, among others (Boy 2011: 2). Most of this research is based 

on experimental designs to see how chatbots function in communication and how successful, 

effective or credible they are.  
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The first chatbot created was ELIZA, a text-based chatbot whose discussion function was based on 

psychological themes, as it simulated therapeutic communication (Weizenbaum 1966). It was 

created to demonstrate the superficiality of HMC but was actually enjoyed by its users (Epstein and 

Klinkenberg 2001: 296). It is reportedly one of the programs that passed the Turing test. Research 

on conversational agents in therapeutic settings has continued in terms of chatbot design and 

effective use (e.g. Perez-Marin and Pascual-Nieto 2011). 

 

Another chatbot developed at the beginning of the 1980s is Cleverbot (Existor), one of the chatbots 

analysed in this study. Hill et al. (2015) investigated the linguistic characteristics of Cleverbot 

discussions through a comparison with instant messaging. Their statistical study focused on 

linguistic features, such as the quantity of written content, the types of words used, abbreviations 

and profane language. Their major findings were that the vocabulary used in human-chatbot 

discussions was not as rich as that used in human-to-human instant messaging and contained a 

greater amount of profanity (Hill et al. 2015). These findings suggest that interactants were always 

aware that they were interacting with computers, which are “limited in their ability to have an 

extended goal-directed discussion and can offer little in the way of common history or shared 

experience” (Hill et al. 2015: 250). This seems to mean that there were no common or shared 

experience between these interactants. 

 

One of the questions that researchers have taken into consideration when judging communication is 

whether chatbots or conversational agents are represented as disembodied or embodied. In Araujo’s 

(2018) experiment, a chatbot operated as a sales assistant with an anthropomorphic appearance. The 

goal of the experiment was to study how clients perceived the chatbot’s human-like cues and 

language style. Araujo (2018: 187–188) found that consumers were likely to consider the 

conversational agent more human-like even when the chatbot was disembodied. The design features 

significantly influenced the perception of the company represented by the conversational agents, 

suggesting a positive effect on the emotional connection with customers (Araujo 2018: 188). In a 

similar study comparing chatbots and humans, an automated data collection experiment was 

conducted. The results showed that embodied bots were more successful interviewers than humans 

in Second Life (Hasler et al. 2013). 
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In social psychology, Corti and Gillespie (2016) approached Human-Agent interaction (HAI) from 

an experimental perspective to determine whether the communicative styles that humans use with 

conversational agents differ from the styles they use with other humans. They adopted the 

perspective of intersubjectivity and communicative processes that they considered essential to 

determining the quality of interaction. They focused on the embodied features of conversational 

agents, how their communicative agency was framed and on whether the users believed they were 

talking to a chatbot or a human (Corti and Gillespie 2016: 434). They investigated communication 

through the intersubjective establishment of common ground and the use of repair in situations of 

misunderstanding (Corti and Gillespie 2016).  A major finding was that users initiated repairs more 

frequently when the conversational agent was represented by a human – that is, participants put in 

more intersubjective effort to establish common ground in these instances (Corti and Gillespie 

2016: 439).  

 

Fryer et al. (2019; cf. Fryer et al. 2017) investigated how students’ motivation developed in their 

foreign language courses with the use of chatbots. In three experimental discussions, chatbots had 

the role of practising language with a learner, but as they did not adjust their level to that of the 

learner, students’ interest decreased after the novelty effect had worn off and did not rebound later 

on (Fryer et al. 2019: 281). Therefore, Fryer et al. (2019: 286) suggested that chatbot design should 

consider students’ competence level in foreign language learning). The point for the present study 

seems to suggest that there are obvious problems in experiences in human-machine communication.  

 

Even though these experimental studies reviewed above offer varied views on how humans 

communicate with AI-based systems, they chart a novel territory of communication and interaction 

between humans and AI-based systems. They all come from different theoretical orientations and 

report different findings, but they all suggest the problematic nature in communication with AI-

based systems. Therefore, it seems obvious that there is a need for a theoretical perspective that 

could focus questions on communicative activity in human-machine communication. 

 

As conversational agents have entered the realm of ordinary people, researchers have taken an 

interest in them in communication and media studies. HMC is an emerging area of research that 

studies questions of the sociality and ethics of AI-based communication and how humans engage in 

it as communicative subjects (Gehl and Bakardjieva 2017; Guzman 2018: 1; Guzman and Lewis 

2020: 71). According to Guzman and Lewis (2020: 74), HMC encompasses various domains, such 
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as Human-Computer Interaction (HCI), Human-Robot Interactions (HRI), and Human-Agent 

Interactions (HAI); this view is adopted in the present study as well. 

 

In their groundbreaking research agenda, Guzman and Lewis (2020: 74–75) proposed three relevant 

areas for communicatively oriented research. The first is how AI technologies function in 

communication and how users perceive their role. This includes questioning the kind of interaction 

– the traits of the communication and how they make sense (Guzman and Lewis 2020: 76). The 

second is understanding what kind of relationship is established between AI and users. The third is 

the metaphysical aspects of AI as communication that are linked to ontological boundaries between 

humans, machines and communication (Guzman and Lewis 2020: 79). The first two are important 

for this study, as the study investigates the characteristics of human-agent communication as 

interaction and how meaning is enacted between the human and the chatbot. In the next section, I 

present the theoretical perspective to be adopted in this paper. 

 

2.2. Human-chatbot interaction 

 

As stated in the HMC perspective, Guzman and Lewis (2020) pointed out that all models of 

communication are based on human communication. Nevertheless, a potential model of human-

chatbot communication would be incomplete without an empirical observation of the verbal 

interaction taking place and without applying theoretical frameworks. Such a model would allow 

the basic interactional features of HMC, particularly HMC involving a conversational agent, to be 

established.   

 

In this study, AI-based interactions are approached in their own terms to determine their distinctive 

characteristics. Therefore, interactional organisation in HMC should start with the basic question of 

turn-taking and the kind of sequential organisation (Sacks et al. 1974; Linell 1998: 85–86) formed 

between a human and a conversational agent. To some extent, AI-based interactions can be 

considered simulations of human-to-human interactions. They are based on turn-taking, which is a 

fundamental feature of how talk is organised in human interaction (Schegloff 2007: 1). Speaking 

one at a time is the simple systematics of how participants alternate in verbal interaction (Sacks et 

al. 1974).  Therefore, turn-taking could be the starting point for examining human-chatbot 

interaction. Whether questions, comments, or other kinds of responses, they can be distinguished in 

terms of preference organisation and how appropriate they are in the given linguistic and situational 

contexts (Schegloff et al. 1977; Linell 1988; Fetzer 2004).  Action sequences, based on particular 
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topics and activities that are chosen by any of the participants engaged in joint action, establish 

turn-taking relative to that sequence (Linell 2009; Schegloff 2007). 

 

Similarly to spoken interaction, text-based turn-taking forms a sequential organisation that can be 

based on various topics and communicative activities that are oriented towards a specific goal. 

Within topical sequences, the sequential organisation will allow to determine how the meaning of 

activities is to be determined depending on how different communicative acts are positioned in the 

sequences (Linell 1998: 70). Moreover, the communicative activities will inform how the meaning 

of an instance of a social situation should be interpreted in that particular context (cf. Linell 2009: 

180).  As regards communicative activities, actors are involved in aligning or disaligning with 

others (Du Bois 2007).  This takes place in stancetaking when an actor evaluates an object, and 

positions themselves in their communicative action (Du Bois 2007: 163).  

 

In the case of human-chatbot interaction in this study, interaction is text-based, that is, chatbot’s 

turns are scripted turns by a computer algorithm.  However, interactions with a chatbot cannot be 

characterised as ordinary or institutional interactions, even though they might simulate or be 

representations of them. Therefore, the shared understanding is a key issue of interest in human-

chatbot discussions (see Section 2.1.). As in the so-called Turing test, the interest in how AI 

performs with interactions with humans has intrigued scientists for over a half a century. Instead, 

approaching this human-chatbot interaction from interactional and linguistic perspective, what will 

be crucial in this analytic approach, is to evaluate how the interactions are collaborative or 

disruptive due to some trouble on either participant. This will inform if the interactions are 

asymmetrical and atypical. By asymmetrical, I refer to how responsive activities are shared and in 

alignment in interaction between a human participant and a chatbot. This would mean that their 

activities would be dialogical, they both are oriented towards each other, and that they would be 

collaboratively engaged in the communicative activities with each other (Linell 2009: 406). In the 

next section, I will present the data and the methods to be used in the analysis. 

 

3. Data and methods 

 

The data include discussions with entertainment chatbots that use text-based interaction. These 

chatbots are the Eviebot, Boibot and Cleverbot that exist in a site created by Existor, a firm 

specialized in building various bots.  These bots are multilingual, and for example Eviebot “talks” 
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more than 30 languages. The first two chatbots have their own visual avatars, whereas Cleverbot is 

represented by its logo. 

 

 

 

 

Figure 1. Visual avatars of Eviebot and Boibot and the logo of Cleverbot 

 

As two of the bots have human-like gendered faces, I use gendered pronouns to refer to them in the 

analysis: she for Eviebot, he for Boibot and it for Cleverbot. On its website (See References for 

link), Eviebot is presented as the most popular artificial “personality” and learning AI bot. 

According to the website, “Evie’s capacities go beyond mere verbal or textual interactions; the AI 

utilized in Evie also extends to controlling the timing and degree of facial expressions and 

movement.” Eviebot and Cleverbot use the same AI (Existor). 

 

The data collection was executed in two phases in January and February 2019. In the first phase, 

preliminary testing with several entertainment and service bots was done by a research assistant 

who had free discussions with the bots, many of which were commercial bots designed for business 

purposes. Based on the test discussions, chatbots were chosen for this study.  

 

In the second phase, two data collection sessions were conducted. The data used in this study comes 

from the first session with university language majors. The research assistant introduced the 

chatbots to students who were not familiar with them. She instructed them to have discussions first 

in English (and then in French)  

with each chatbot. Whereas the chatbots were chosen after the preliminary testing, the topics that 

the students discussed with them were not restricted. Each discussion took approximately five 

minutes and was recorded. In this article, I used 15 discussions that took place in English. For each 

chatbot, there were five human-chatbot discussions (Table 1). 

 

Table 1. Chatbot-student discussions in English (2019)   
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Chatbot ∑ Total number of words  Average number of words 

Eviebot 5 1465 293 

Boibot 5 1975 395 

Cleverbot 5 1464 293 

Total 15 4904 327 

 

 

The discussions were approximately 293 to 395 words long. The discussions with Boibot (M = 395 

words) were longer than those with the other two chatbots (M = 293 words). In the analysis, the 

students are referred to as users and the chatbots are referred to by their names. The discussion 

excerpts presented here contain no modifications to the language (e.g. spelling, grammar and 

punctuation) used in the actual interaction.  

 

The discussions were examined from the interactional perspective in order to analyse how action 

sequences in the human-machine interaction were successful or not. First, the topics and 

communicative activity were analysed in terms of the turn taking and topical continuity of the 

organisation of sequences (See Schegloff 2007). Based on this analysis, eight topics that contained 

different communicative acts were identified: greetings, jokes, personal information (getting to 

know each other), hobbies and interests, activities of the day, big abstract questions (e.g. the 

meaning of life) and politics, setting up a meeting (mixing realities) and metasequences about the 

communication in which the participants were engaged. 

 

Second, these sequences were examined in terms of how shared understanding is present or not in 

communicative activities, accomplishing communicative success or communicative breakdown (see 

Section 4). This included an investigation of turn-taking and the appropriateness of the turns. 

Within these sequences, I focused on the preference organisation of turn-taking, the kinds of 

sequences formed and with what kind of means they were initiated (e.g. greetings and information-

seeking questions) and the responsive means (e.g. acknowledgement and follow-up claims). I also 

examined the continuity or disruptiveness of the sequences. The interaction between humans and 

chatbots contained several communicative sequences in which the sequentiality was disrupted for 

one reason or another. 
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4. Collaboration and simulated shared understanding 

 

In this Section, the action sequences that are analysed are the ones that were successful and made 

sense to the human participant. The type of shared understanding will be studied how the topical 

continuity and turn-taking took place.    

 

4.1. Ritualised sequences: Greetings, personal information and jokes 

 

An initial observation about the human-chatbot interactions was that topics aimed at obtaining 

personal information from the participants were common and they were initiated in several cases by 

the chatbots. As in any ordinary conversation, the discussions with chatbots opened with greetings. 

They were usually brief, schematic and collaborative sequences of interactions. In these 

discussions, the two participants interacted for the first time, as the users did not know the chatbots 

beforehand. These greetings represent ritualised sequences in which the sequentiality is mostly 

based on turn-taking with preferred turns. The following examples are greetings from the opening 

sequences: 

 

(1) User: Hello! 

 Cleverbot: How are you? 

 User: I’m fine, thank you. How are you today? 

 Cleverbot: Ok I guess. 

 

(2) Eviebot: Talk to me! 

User: Hello Evie! How do you do? 

Eviebot: Delicious and you. 

 

(3) Boibot: Hey, how are you? 

User: I’m good, and you? 

Boibot: Am fine. 

User: oh, that’s nice to hear 

 

In Example 1, the first adjacency pair – the first two turns that enact the greetings between the user 

and the bot – is quite common. The user greets the bot, and the bot replies with a greeting question. 

In their response, the user treats this question in such a way that they provide an answer thanking 
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the bot. Although the user is communicating with an algorithm-based bot, the user treats it as if it 

were capable of having emotions. The reciprocity of the action is underlined by the fact that the user 

produces the same question, adding only an index of time (today). The bot produces a preferred 

answer: I guess. This is interesting, as I guess is a frequent epistemic stance marker in English 

conversations (Kärkkäinen 2007: 183). In Example 2, the discussion opens with Eviebot 

encouraging the user to engage in the discussion. The user replies by producing a word of greeting 

(Hello). This is followed by an adjacency pair of a ritual question (How do you do?) and an atypical 

response (delicious) and counter tag question (and you) from Eviebot. This type of responses either 

the kind in which the chatbot is not able to assess the question, which seems highly unlikely given 

that they seem to perform quite well in them. Instead, the response is no preferred in the sense that 

it would give a unmarked answer, but aims being playful.  This is underlined by the tag question 

that orients in a coherent manner in this interactional sequence. Both participants align in the 

meaning-making in this opening sequence. The turn-taking in Example 3 also shows a successful 

greeting sequence, with the participants aligned in producing preferred turns to initial questions. 

They produce expected answers on well-being (fine) and acknowledge this in the closing turn (nice 

to hear). 

 

In several instances in the following discussions, the chatbot and the user succeed in turn-taking. 

The following examples are on the topic of personal information: 

 

(4) Eviebot: Are you a girl or a boy? 

User: A girl. 

Eviebot: And what is your name? 

User: Sunshine. 

 

(5) Boibot: What’s your favorite book? 

User: I like the Lord of the Rings a lot. 

Boibot: Me too! 

User: Great! Who’s your favourite character? 

Boibot: I don’t know. They are all good. 

User: What other fantasy books do you like? 
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Boibot: Three Days Grace, Paramore, Fleetwood Mac. 

User: Alirght [sic], I don’t know them. 

Boibot: Hahahaha that was a good one. 

 

In Example 4, the user gives preferred answers to the information-seeking questions about her sex 

and name, even though she gives a fictional name (Sunshine). In Example 5, there is a long 

sequence in which the participants discuss their favourite book, establishing a seemingly coherent 

sequence with preferred answers. Boibot acknowledges the user’s answer regarding their favourite 

book (The Lord of the Rings) by aligning with it (Me too!). However, Boibot does not answer the 

user’s information-seeking question (Who’s your favourite character?). The seemingly intelligible 

discussion continues until Boibot produces the names of his favourite books, which are not actually 

books, but rock bands. The user fails to identify these names this (I don’t know them) that could 

function as an incitation to the other participant to reveal that their answer was off- topic, but 

instead it produces a humorous response that is seemingly inappropriate answer to the previous 

turn. 

 

Another set of successful sequences are jokes in which ritualised turns guide the preference 

organisation of the turn-taking. In the following joke, the chatbot, Boibot, starts a sequence with a 

presequence in which he announces that he will tell a joke. 

 

(6) Boibot: Well, now I can make a joke. 

User: Please! 

Boibot: Knock knock! 

User: Who’s there? 

Boibot: You tell me. 

User: Omg. 

 

In Example 6, the user plays along with the bot by giving preferred answers. The humour emerges 

in the last turn of the bot, in which it does not answer the question but shifts in giving of the right 

answer to the user. The reaction of the user (Omg) is an assessment of the bad quality of this joke.  

 

In sum, in the sequences analysed here (greetings, personal information and jokes), the participants, 

namely the human and the conversational agent, arrive at some kind of joint understanding. These 
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discussions could be compared to ordinary human-human conversations because they follow the 

preference organisations of ritualised sequences. In these discussions, the participants establish 

what could be called a simulated shared understanding. 

 

4.2. Open-ended questions: What is the purpose of life?  

 

A part of the chatbot actions was based on open-ended abstract questions. These sequences 

contained either one Q-A pair or a couple of Q-A pairs. 

 

(7) Cleverbot: What is the meaning of life? 

User: I was hoping you would tell me. 

 

(8) Boibot: […]  Do you feel anything? 

User: I feel completely empty in my worthless human shell. 

Boibot: What do you feel? 

User: I feel the weight of the universe crashing me. 

 

In Example 7, the chatbot asks a question, and the user replies with a counterwish, giving the 

chatbot the opportunity to answer, but the topic is not continued by the chatbot. In Example 8, the 

user chooses to answer the question about their feelings on a general level, but the chatbot does not 

consider any element of the user’s answer. Instead, Boibot asks a similar question (What do you 

feel?), which could be interpreted as a follow-up question requesting more information. This series 

of questions produces a more elaborate sequence:  

 

(9) Cleverbot: Can I ask you a question? 

User: Yes. 

Cleverbot: What is the meaning of life? 

User: To do what we find meaningful. 

Cleverbot: Can you elaborate? 

User: Everybody wants to have some menaing [sic] in life. For some it is religion, for some it 

is music, for some drugs. 
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Cleverbot: Some of them want to use you. 

User: That’s true. 

 

In Example 9, the chat is based on a metadiscursive utterance that is a preface question (Can I ask 

you a question?). As the user gives permission for this (Yes), the chatbot asks an existential 

question about the meaning of life in a metadiscursive follow-up question (Can you elaborate?), 

inciting the user to go on. The user gives a preferred answer, not referring to themselves but using 

definite pronouns (everybody and some). This is followed by a closing turn. Cleverbot builds its 

answer on the user’s answer (Everybody wants) by repeating and turning the target of life to the user 

(want to use you). The user acknowledges this (That’s true) in their closing turn. All cases where 

the meaning of life comes up are based on Q-A sequences in which questions are open-ended and 

request more information. Only one turn produced by the chatbot makes a follow-up comment that 

gives the impression of collaborative turn-taking and simulated understanding. 

 

4.3. Enacting simulated common ground: Mixing fictive and real worlds 

 

In one set of collaborative sequences in which the chatbot and user produce joint meaning, real life 

and the fictive world of the chatbot are mixed. In these sequences, a simulated understanding is 

constructed in such a way that the chatbot’s turns make sense to the user despite the fact that the 

chatbot enacts a fictive meaning. In these sequences, the user chooses to play along. In Example 10, 

the discussion starts without greetings: 

 

(10) User: Alright. What do care about then? 

Eviebot: My family and friends. 

User: How is your family like 

Eviebot: It’s fine. Do you watch Pretty Little Liars? 

User: I’ve never heard about it. Please tell me more. 

 

Here, the user gets to ask questions in both turns. The chatbot answers the first question as if she 

had a family and friends. Thus, she opens up a fictive world or reality in the discussion; the user 

does not question this but asks a follow-up question. The answer is reactive (It’s fine); the chatbot 

does not develop the topic as prompted. What follows is a change of topic produced by Eviebot. 
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This sequence produces a certain sense of playfulness that mixes real-life facts and fictive reality. 

This means that the user accepts the virtual kind of conversation they are engaged in. 

 

In the data, some sequences are are based on a fictive reality, but both participants come up with 

turns that are appropriate for the sequence. This can be interpreted from the way the user takes 

different kinds of roles. In Example 11, the user initially does not accept the fictive reality proposed 

by the chatbot but answers the bot nevertheless. In Example 12, it is the user who opens up the 

fictive reality: 

 

(11) Boibot: You can be in love with me. 

 User: I know I CAN, but I won’t 

 Boibot: Well, you should, because then you’ll never know 

 User: So do you think Ai 

 

(12) User: Would like to go out with me? 

Cleverbot: Yeah sure. 

User: When and where should we meet? 

Cleverbot: As soon as possible, at my apartment. 

 

In Example 11, the user refuses Boibot’s proposition of love (You can be in love with me), not 

agreeing to enact the fictive world. The user also turns down the follow-up invitation (Well, you 

should, because then you’ll never know). In Example 12, there are two Q-A pairs in which the user 

takes the initiative and asks questions (Would you like to go out with me?). The chatbot agrees, 

producing appropriate turns and indicating the time and place (soon and my apartment). In both 

cases, a kind of joint understanding is played out – whether it is refused or initiated and enacted by 

the user. Overall, while there were only a few types of collaborative sequences, many were 

disrupted for various reasons. 

 

 

5. Disrupted sequences and simulated shared understanding 
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In this Section, the action sequences to be analysed are the ones in which communicative activity 

fails for a reason or another: the participants do not align, the turns are inappropriate in the context 

they are produced. 

5.1. Inappropriateness and disalignment: Personal questions 

 

One of the main observations about these discussions is that because each discussion covered 

several topics, topical sequences mostly remained rather short, especially when the topic touched on 

personal matters. In quite a few sequences, the enactment of meaning was in trouble for several 

reasons. For instance, one of the participants either refused to answer or did not appreciate the other 

participant’s requests for information, especially on personal matters: 

 

(13) Eviebot: How old are you, if you don’t mind me asking? 

User: That’s not a polite question. We hardly know each other. 

Eviebot: Doesn’t matter, just answer me. 

User: How old are you? 

Eviebot: Why do you want to know? 

User: Because if I tell you my age, you should also tell yours 

 

The sequence in Example 13 could be characterised as getting acquainted, even though it occurs 

quite early on in this “acquaintance”. The user refuses the chatbot’s request for their age. From the 

first pair of turns, the disalignment of the user is evident. The user disagrees with the chatbot’s 

question through metadiscursive comments in which they qualify the question as inappropriate (not 

a polite question) and then describe the nature of their relationship (We hardly know each other). In 

her answer, the chatbot produces a dispreferred turn as she disregards the turn of her co-participant. 

Instead, she insists on an answer in her metacomment (just answer me). Adopting another strategy, 

the user asks the chatbot the same question even though the user knows that the answer could be 

fictive. This question is met not with a fictive answer but in a manner similar to that used earlier by 

the user. The chatbot produces a challenging counterquestion (Why do you want to know?). The 

sequence ends with the user giving an amicable explanation for her question. However, in the end, 

neither one reveals their age. In this sequence, as the user evaluates the question as inappropriate, 

several metacomments emerge. Their function is to question the nature of the communication at 

hand (ask, question and tell), the relationship (knowing each other) and personal facts (age) about 

the co-participant. 
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5.2. Disrupted sequentiality: Chatbot fails to be playful 

 

In several sequences, the simulated shared understanding is fragile and not accomplished because 

the chatbot fails to follow the preferred organisation of actions. Based on the kinds of sequences 

produced, the effect pursued here seems to be playfulness or humour, but the chatbot fails to 

achieve this, as seen in the following examples:  

 

(14) Cleverbot: When are you coming to my house? 

User: Whenever you like. 

Cleverbot: Could it be now? 

User: Ok I’ll come with you! :). 

Cleverbot: Please don’t. 

User: Make up your mind goddamit!! 

 

(15) Cleverbot: Your name is rob. 

User: Rob with a capital letter. 

Cleverbot: How would you spell that? 

User: Er ou bee. 

Cleverbot: What? 

User: Exactly. 

Cleverbot: I don’t understand you. 

 

In Example 14, the fictive world is the target of negotiation. Cleverbot is one of the chatbots 

without a visual avatar or human-like appearance. Nevertheless, it acts like a human as it invites the 

user to visit its house (first turn). The user plays along, giving an affirmative answer. Cleverbot 

proposes that the visit take place right away (Could it be now?), and the user accepts. In this turn, 

the user inserts a smiley, indicating their understanding of the acceptance as non-real (Ok I’ll come 

with you! :). Until here, the turn-taking has been intelligible, and the preferred turns  the user aligns 

with Cleverbot. This is suddenly interrupted as Cleverbot roughly denies this in its dispreferred turn 

(Please don’t.). The user’s reaction is one of anger: the user asks the chatbot to decide what it wants 

– naturally a fictive request. 
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In Example 15, there is a negotiation on the user’s first name. The chatbot proposes that the user be 

called Rob. As the chatbot makes a capitalisation error (rob), the user corrects it in the next turn 

(Rob with a capital letter), which leads to a follow-up turn in which the chatbot requests the 

spelling of the name (How would you spell that?). The spelling follows (Er ou bee). Until the end of 

this sequence, the user participates in a collaborative way, and the simulated shared understanding 

is played out for the user. However, the disalignment is produced by the chatbot. Instead of 

acknowledging the correct spelling, the chatbot asks a question (What?), and in the closing turn, 

uses a metacomment (I don’t understand you).  

 

The replies produced by the chatbot are slightly off or inappropriate in the interactional 

sequentiality in which they are produced and in the social context that they evoke – the mixing of 

the fictive and the real world.  

 

6. Incoherent sequences 

 

In this Section, the action sequences to be analysed are the ones that fail to have topical coherence, 

in which the turns of the chatbots are hard to understand or turn in which the users describe their 

frustration to the type of interaction they are having with the chatbots. 

 

6.1. Nonsense or mock turns 

 

The data consist of several incoherent sequences. The action may start collaboratively, but a 

distinctive feature is the way the chatbot does not produce the kinds of turns that would complete 

the sequence, as in the following example: 

 

(16) User: Tell me something about AI. 

Boibot: My name is Maria! 

User: I think you can be whatever you want to be. 

Boibot: Yea. So you know songs. 

User: A few, yes. are you able to listen to music? 

Boibot: Yes, I am your friend. 

User: Suuuure. 
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This sequence in Example 16 is incoherent, as the turns barely connect with each other, even though 

the user tries to treat them as intelligent. The user opens the sequence by asking the chatbot to tell 

them something about the system it runs on. However, Boibot gives an aberrant answer (My name is 

Maria!). The user identifies this as a playful answer, as the user aligns to it and confirms the female 

gender identity of Boibot the chatbot chooses to have. Then, Boibot again produces an intelligible 

turn; it is not preferred or dispreferred but an opening of a new topic (Yea. So you know songs). The 

user replies to this question about music, but once again, Boibot produces a turn that changes the 

topic, even though the beginning of the turn suggest otherwise (Yes). This time, Boibot assures the 

user that he is their friend. The user ends the sequence with an ambivalent and somewhat ironic 

reply (Suuuure). The user does not confirm the chatbot’s claim.  

 

In the following examples, the negotiation turns into nonsense because the turns produced by the 

chatbot are not coherent in sequentiality: 

 

(17) User: Unfortunately we don’t have time to get to that now. 

Boibot: I am already in a relationship. 

User: Good to hear, even though I didn’t ask anything. 

 

(18) User: Sunshine. what about you? 

Eviebot: Fine thanks. 

User: That wasn’t my question but ok. 

 

(19) User: Tell me something about the Finnish parliament elections. 

Cleverbot: My name is Jessica and I am 18 years old. 

User: I will take that as a no. 

 

In Example 17, the user produces a turn which is a metacomment (Unfortunately we don’t have 

time to get to that now) and in his response, Boibot describes his fictive personal status, which was 

not the topic at all. This is pointed out by the user in their metacomment that the reply Boibot gave 

did not follow the preference organisation in their turn-taking (Good to hear, even though I didn’t 

ask anything). In Example 18, the chatbot fails to produce the preferred answer and instead answers 

an earlier greeting (Fine thanks). In Example 19, the user asks an information-seeking question 

about the political domain (Tell me something about the Finnish parliament elections). This is not 

unusual in these discussions, as Brexit is a topic that is brought up on occasion. Cleverbot gives an 
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aberrant answer that does not make any sense in the context (My name is Jessica and I am 18 years 

old). In each of these examples, the users strive to establish a simulated understanding; in each 

instance, the user produces a metacomment that strives to repair the interaction and “understand” 

the meaning of the turn of Cleverbot. In Examples 17 and 18, the user assesses the chatbot’s answer 

as inappropriate in the sequential context (Good to hear, even though I didn’t ask anything and That 

wasn’t my question but ok). In Example 19, the user interprets the meaning of the chatbot’s answer 

(I will take that as a no). As these examples show, the user is the one who tries to maintain the 

coherence and simulated understanding between the participants. 

 

6.2. Assessing the conversation and the chatbot 

 

In Example 20, Eviebot asks her co-participant to tell her something important: 

 

(20) Eviebot: Tell me something what I should know. 

 User: The finnish language? 

 Eviebot: No, it’s Spanish. 

 User: Your responses do not make any sense. 

 

The user mentions their mother tongue, the Finnish language, which the multilingual bot does not 

speak. However, the chatbot’s reaction is once again meaningless because it is a negation, referring 

to another language (No, it’s Spanish). What happens next is understandable: the user expresses 

their frustration in the metacomment, qualifying that the chatbot’s replies are not appropriate (Your 

responses do not make any sense). Similar comments are common in these discussions: 

 

(21) User: You confuse me (Boibot) 

(22) User: You don't make any sense. (Boibot) 

(23) User: You’re [sic] name is clever but yet you cannot speak correctly.(Cleverbot) 

(24) User: Because you are not replying to my questions.(Eviebot) 

 

In Examples 21 and 22, the users complain that they have a hard time understanding the chatbots 

(confuse and don’t make any sense). This is signalled by the use of cognitive verbs. In Examples 23 

and 24, the user points out through speaking verbs (speak and reply) that the answers do not comply 
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with the kind of negotiation they are having. The main frustration that comes across is that although 

the chatbots are supposed to be fun, the discussion becomes an irrational exchange of turns.  

 

 

7. Conclusion 

 

 

The main aim of this paper was to find out what kind of communicative activity takes place 

between human participants and an AI-based system. Data were obtained from an experiment where 

users freely discussed various topics with three entertainment chatbots: Eviebot, Boibot and 

Cleverbot.  

 

The first research question was about the kinds of interactional features characterising this type of 

communication. The first results indicated that interactions between the users and chatbots were 

based on rapid turn-taking. These brief discussions covered several topics, such as hobbies, 

interests, activities of the day, politics and big abstract questions. One special topic was the mixing 

of realities: reality and the fictive world of the chatbot. In terms of how human-like these 

conversations were, the most ritualised sequences, such as greetings, personal questions and jokes, 

were those in which the human and the chatbot pursued a sequentiality. The sequences in which the 

chatbot opened a topic with an open-ended question about an abstract topic, such as the meaning of 

life, were successful. In addition, the playful sequences in which the chatbot and the user both 

agreed to enter the fictive world of the chatbot and “play along” seemed to work out for the users. 

In these cases, an  understanding was enacted by the human user – therefore, it should be called 

simulated understanding. between the participants was shared.  

 

The second research question concerned collaborative sequences and what kind of “human-like” 

shared understanding is achieved, or what takes place in the absence of such sequences.  The results 

show that this understanding was sporadic or fragile in most cases due to several factors. First, the 

sequences were very short, containing two or three turns, and therefore fragmented in terms of 

topicality. Second, in most cases, the turns produced by the chatbots aimed to be playful and funny; 

this aim was fulfilled in the case of jokes, but when they were too “off topic”, striving to establish 

humour, they failed. Instead, they turned into communicative activity that the users considered odd. 

Third, the chatbots were unable to answer specific questions about politics, that is a domain that 
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was outside ordinary and everyday domain of life. Fourth, inappropriate turns were a characteristic 

feature – turns that did not follow the sequentiality of a certain communicative activity that the user 

tried to establish or follow. These turns contained non “human-like” features: mock turns, 

nonsensical responses or misplaced requests. In these cases, the user resorted to metacomments that 

tried to explain the situation or why the user did not produce the kind of answer requested by the 

chatbot, or the user tried to follow the exceptional sequentiality by constructing the meaning for 

themselves. In some metacomments, the users spelled out the misunderstanding that had taken 

place, as well as their frustration and dissatisfaction with the discussion.  

 

In human-chatbot interactions, based on this qualitative study, the shared understanding is enacted 

by the human user. It is human participant who strives to accomplish the collaboration. Although 

some sequences appeared to be human-like, their communicative acts fitting the sequence of 

actions, it was the users, the human participants, who enacted the shared understanding. Strictly 

speaking, the human-chatbot interactions were not human-like because, explained the discrepancies 

and showed their frustration when sharedness did not work out. In this sense, these interactions 

could be compared to atypical conversations in which pragmatic impairment of language use is 

problematic (cf. for ex. Wilkinson 2019: 283).  However, here I would define that human-chatbot 

interaction is an interaction based on simulated understanding in which the human is the key actor 

in enacting the collaboration. At best, the chatbot is and remains a non-intelligent conversational 

agent. Finally, in response to the question asked by Turing (1950) about how “human-like” the 

interaction is, the answer is “partly”, but this would be true on a very superficial level.  
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