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Abstract

The rapid development and increasing organizational deployment of Al, especially in high-risk
application areas and under evolving regulation, create a growing need for effective Al governance.
Hence, Al governance has attracted increasing attention in both academia and practice. While prior
reviews have examined academic research on Al governance, practice-oriented grey literature has
received less scholarly attention. This study examines how academic and grey literature differ in their
treatment of Al governance. To this end, we review academic and grey literature on three focal objects
of Al governance: Al data, Al algorithms, and Al models. Our findings suggest that academic literature
tends to emphasize principles and pre-deployment governance, whereas grey literature more often
foregrounds policies, implementation-oriented controls, and post-deployment oversight. Taken
together, the two literatures appear to offer partly complementary perspectives on organizational Al
governance. The study clarifies how Al governance is framed differently in scholarly and practice-
oriented discourse and thereby contributes to Information Systems research and practice on
organizational Al governance

Keywords: Al Governance, Artificial Intelligence Governance, Al, Artificial Intelligence, Literature
Review, Grey Literature.

1 Introduction

The demand for Artificial Intelligence (Al) governance in organizations is rapidly increasing due to the
growing use of Al in critical sectors such as healthcare, finance, transportation, and rising concerns
about its risks (Jafari et al., 2026; Khoo et al., 2025; X. Wang & Xie, 2025; Papagiannidis et al., 2025).
In response to the societal concerns regarding Al’s risk, several regulatory governance initiatives, such
as the EU Al Act, and evolving Al regulation in the United States (Novelli, 2025; Méntymaiki, 2023),
and international voluntary ethical principles, such as the OECD principles and UNESCQO’s ethics of Al
(OECD, 2024; UNESCO, 2023), emerged. These global developments indicate that Al governance,
understood as “a system of rules, practices, processes, and technological tools that are employed to
ensure an organization’s use of Al technologies aligns with the organization’s strategies, objectives, and
values; fulfils legal requirements; and meets ethical Al principles followed by the organization”
(Méantymaki et al., 2022), is no longer optional but essential for organizations to ensure responsible Al
use (Miantymaki et al., 2022; Schneider et al., 2022; Papagiannidis et al., 2025). However, translating
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ethical principles and regulations into concrete Al governance practices remains challenging due to their
abstract nature and lack of practical specificity. (Papagiannidis et al., 2025; Gengler & Schmalenbach,
2024; Birkstedt et al., 2023; Mittelstadt, 2019).

The volume of Al governance research, also in Information Systems (IS), has grown rapidly in recent
years (Birkstedt et al., 2023). Literature reviews have synthesized the findings from prior studies and
contributed to conceptualizing of Al governance (Batool et al., 2025; Papagiannidis et al., 2025;
Birkstedt et al., 2023). However, developments in Al governance are not limited to the scholarly realm;
for example, Al vendors, consultancies, and various non-governmental organizations (NGOs) such as
UNESCO and OECD have been active in developing Al governance policies and practices targeted at
organizations and guiding their implementation.

This study expands the scope of literature reviews on Al governance from peer-reviewed sources
(Papagiannidis et al., 2025; Birkstedt et al., 2023) to cover grey literature, defined as publicly available,
non-commercial documents from governments, academia, business, and industry (Paez, 2017; Benzies
et al., 2006). Compared to peer-reviewed research, grey literature lacks well-established databases and
guidelines for conducting reviews (Mahood et al., 2013). Hence, the potential to derive scientific insights
from grey literature remains underutilized (Benzies et al., 2006). Thus, identifying potential
complementary insights and points of divergence between the scholarly and practice-focused discourses
can benefit both IS research and practice in Al governance implementation.

Against this backdrop, this study contrasts the academic literature on Al governance with the grey
literature. We focus particularly on three focal objects of Al governance: Al data, Al algorithms, and Al
models. In doing so, we address the following research question: “How do the academic and grey
literature differ in conceptualizing and operationalizing Al Governance with respect to three
dimensions: Al data, Al algorithms, and Al models? We conducted a systematic review of 48 empirical
academic studies and 27 practice-oriented documents. Our findings contribute to the IS scholarship on
Al governance (Birkstedt et al., 2023; Papagiannidis et al., 2025; Van Giffen & Ludwig, 2023; Batool
et al., 2025, 2025; Méntymaki et al., 2022; Schneider et al., 2022) by identifying gaps in the current
body of knowledge and deciphering contrasts between the academic and grey literature with respect to
implementing Al governance.

2 Background

21 Implementing Al Governance

The rapid technical development and increasing use of artificial intelligence (Al) in high-risk application
areas, such as traffic, healthcare, and finance, demand Al systems to operate in alignment with societal
values and organizations’ objectives (Berente et al., 2021; Birkstedt et al., 2023; Zimmer et al., 2022).
In response, organizations and governmental institutions have published ethical Al principles (Jobin et
al. 2019; Morley et al., 2019; OECD, 2024; The Global Partnership on Artificial Intelligence, 2023; G7,
2023; UNESCO, 2023).

However, Al ethics principles have been criticized for being too abstract to translate into organizational
practices (Mittelstadt, 2019; Schneider et al., 2022; Papagiannidis et al., 2025; Batool et al., 2025;
Gengler & Schmalenbach, 2024). This creates a strong need for organizational Al governance,
understood as “a system of rules, practices, processes, and technological tools that are employed to
ensure an organization’s use of Al technologies aligns with the organization’s strategies, objectives, and
values; fulfils legal requirements; and meets ethical Al principles followed by the organization”
(Méntymaki et al., 2022). The recently enacted Al-specific regulations, such as the EU’s Al Act, further
exacerbate this need.

While ethical Al principles and responsible Al have received considerable scholarly attention, the
practical implementation of Al governance remains a challenge (e.g., Birkstedt et al., 2023) due to the
lack of a principles-to-practice framework (Mittelstadt, 2019). Nevertheless, research in IS and other
fields, such as computer science, has identified implementation gaps and proposed tools, frameworks,
and methods for Al governance implementation. Notable examples include the hourglass model
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(Méntymaki et al., 2022), the ECCOLA method to implement Al ethics (Vakkuri et al., 2021), the Al
governance implementation dimensions (Papagiannidis et al., 2022), the decomposed data, model, and
system-level Al governance framework (Schneider et al., 2022), the impact assessment framework
(Schiff et al., 2020), and the accountability framework (Batool et al., 2025).

In addition to academic research, several international bodies, including the OECD and UNESCO, as
well as national bodies such as the National Institute of Standards and Technology (NIST), and Al
developers such as OpenAl, Anthropic, Perplexity, and Google, have published Al governance
implementation guidelines and frameworks. These include the OECD Al principles (Al Principles
Overview - OECD.AI), UNESCQO’s proposal for an Al ethics approach (Ethics of Artificial Intelligence
- UNESCO, 2023), and the NIST AI Risk Management Framework (U.S. National Institute of Standards
and Technology, 2023).

Exploring both academic and grey literature in parallel can enrich the understanding of the state of the
art in Al governance. Thus far, prior reviews on Al governance (e.g., Batool et al., 2025; Birkstedt et
al., 2023; Papagiannidis et al., 2025) have considered only academic literature, while ethics guidelines
in the grey literature have also been reviewed (Hagendorff, 2020; Jobin et al., 2019). Knowledge of the
contrasts between academic and grey literature provides the basis for eventual integrative approaches to
implementing Al governance. We present our structuring of the governance objects in the next section.

2.2 Al Data, Al Algorithms, and Al Models

In this research, we focus on three key elements of Al: Al data, Al algorithms, and Al models, since
they are foundational to how Al systems operate and prevalent across diverse applications (Batool et al.,
2025; Birkstedt et al., 2023). We therefore classify our results around these key elements. Data provides
the input to train Al systems (Janssen et al., 2020; Schneider et al., 2022), Al algorithms define the logic
of data processing and decision-making (Nishant et al., 2024; Samtani et al., 2023), and Al models are
the reusable components that constitute Al systems (Ferrari et al, 2023; Schneider et al., 2022).

The difference between an Al model and an algorithm lies in their functionality, complexity, and
application context. An algorithm’s function is to provide logic (with mathematical and computational
formulas) for data processing and analysis, whereas a model’s function is to serve the end goal, e.g.,
classification or clustering of the data. In other words, an algorithm answers how the processing is
executed, and a model answers what is being executed. (Achmadiah et al., 2025; Li & Bi, 2024; Hartog
et al., 2024; Song, 2021; Phan et al., 2023; Li et al., 2019) Despite these distinctions, distinguishing
these terminologies is seemingly difficult.

As data is the raw material for an Al model, the model's output quality depends significantly on the
quality of the training data (Nishant et al., 2023; Schneider et al., 2022). Data governance refers to the
systematic management of data usage in the Al development lifecycle (Janssen et al., 2020). There are
several issues related to Al data, e.g., data privacy, biased datasets that lead to discrimination, and data
and security breaches. Therefore, data governance includes activities to ensure trustworthy and
responsible Al development. (Méntymaéki et al., 2022; Bu, 2021).

Al algorithm governance includes technical (along with legal and regulatory) activities to ensure
accountability, transparency, and reliability in connection to algorithm type, application context, and
risks (Doneda & Almeida, 2016). A biased coding of procedures may lead to an unfavourable decision
by the Al. Ethical and legally compliant algorithmic design is ensured by evaluating the technical
functionalities, e.g., logic, optimization functions, feature or variable management, and non-technical
mechanisms, e.g., algorithmic transparency, documentation of logic and reasoning, design reviews,
logic audits, and their validation. (Buhmann & Fieseler, 2021; Barn, 2019).

Model governance spans the entire lifecycle: design, development, deployment, and monitoring of the
trained Al to prevent unintended consequences (Batool et al., 2025). In this case, model governance
means ensuring accurate, robust, explainable, trustworthy, and ethically aligned outputs. In practice, the
model’s learned parameters, performance indicators, input-output behavioural patterns, and deployment
settings are monitored continuously to prevent model drift, inaccuracy, overfitting, and hallucinations.
Moreover, tools such as model cards, explainability tools, model risk assessment, impact assessment,
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incident tracking, and auditing are used for transparency and accountability. (Papagiannidis et al., 2022;
United Nations System White Paper on Al Governance, 2024; Buhmann & Fieseler, 2021).

3 Methodology

3.1 Review of the academic literature

To answer our research question: “How do the academic and grey literature differ in conceptualizing
and operationalizing Al Governance implementation?”, we focused on contrasting academic and grey
literature, specifically with respect to Al data, Al algorithms, and Al models. Based on Snyder (2019)
literature review process, we utilized the following steps in reviewing academic literature: 1. Research
questions, 2. Search terms, 3. Search process, 4. Inclusion/exclusion criteria. Our search process
included the key search term 47 governance (without quotation marks) to capture expansive results. The
search timeline was set from January 2022 to March 2025, reflecting the rapid development of Al
technologies and Al-specific regulatory developments (e.g., the EU Al Act and the evolving Al
regulation in the United States).

With respect to the academic literature, we focused on empirical research published in the Senior
Scholars’ Premier Set of 11 IS journals and in the proceedings of ICIS and ECIS. We only included
empirical studies. The search with the defined keyword and timeline was applied directly to publishers'
websites. The search process yielded 1501 studies. Since our focus was on Al governance
implementation, we screened the papers’ titles, keywords, and abstracts to identify those that aligned
with our focus. The screening yielded a pool of 117 articles discussing Al governance for further
evaluation. In the evaluation, we employed three heuristics to determine the inclusion of the paper in
the final pool of papers to be reviewed: 1) Does the paper inform about Al governance implementation?,
2) Does the paper inform about Al governance best practices?, and 3) Does the paper inform about Al
governance mechanisms? 38 papers met at least one of these criteria and were thus included. Thereafter,
we conducted a backward and forward search based on the papers’ references. This led to the
identification of 10 additional papers to be included. Hence, we identified 48 papers for inclusion in the
review of the academic literature on Al governance (see Figure 1). The academic literature included in
the review is available in Online Appendix B'.

3.2 Review of the grey literature

Grey literature, understood here as publicly available, non-commercial documents from governments,
academia, business, and industry (Paez, 2017; Benzies et al., 2006), can provide meaningful insights
that augment reviews of peer-reviewed literature (Pappas, C. & Williams, 1., 2011). However, due to
the volume of information, the lack of standard indexing and controlled vocabulary, and the lack of
archiving, grey literature searches are often less systematic than those of scholarly literature (Turner et
al., 2005). Therefore, developing a systematic search strategy is important to reinforce rigor in the
review of grey literature (Higgins, J., & Green, S., 2011).

Hence, we developed the process for executing the grey literature search based on Godin et al. (2015).
We began by consulting a group of Al governance experts to identify organizations that publish material
potentially relevant to our study’s objective. As a result of the expert consultation, we established a list
of 26 organizations, including standard-setting bodies, audit firms, management and IT consulting firms,
think tanks, and advocacy groups. Thereafter, we conducted a series of internet searches to obtain Al
governance-focused documents published by these organizations. Where applicable, we also used search
tools on the organizations’ websites to locate grey literature documents. For example, research
organizations such as the Centre for the Governance of Al, the Ada Lovelace Institute, and the Rand

! Appendix B
https://docs.google.com/document/d/1F_NZzJ2Yb_AvuCTRorzzZRgG3LmqEMKDTCBr7PgI5QY c/edit?tab=t.0
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Corporation publish their research on their websites. Overall, the grey literature search yielded 292
documents published between January 2022 and March 2025.

To ensure the quality of the grey literature included in the review, we established inclusion and exclusion
criteria. Building on Tyndall’s (2008) suggestions on evaluating grey literature, we established three
inclusion criteria: 1) the document needs to include some description of its underlying methodology or
data, 2) the document needs to explicate its scope or application area, and 3) the document’s publishing
data needs to be available. We excluded documents we evaluated as primarily marketing-oriented, i.e.,
not providing actionable guidance for organizations. We also excluded documents with a sole technical
and legal focus. As a result of the quality evaluation, we included 27 grey literature documents in the
review. Online Appendix C? provides details about the grey literature. Figure 1 presents the literature
review process.

= [ Review of the academic literature ] { Review of the grey literature ]
g
= Number of duplicat Total number of do = D excluded based
s TR umber of duplicates C
E Number of studies identified = 1501 | removed = 200 292 on different or narrow focus,
;/ Number of documents marketing material,
1 . . . unofficial information = 261
— identified from internet search
e L . _ =244
Studies after omitting duplicates = 1301 Number of documents from
Databases = ScienceDirect (103) Studies excluded based on t:]x{r'ge:ie(éwebsnﬁ se::rcztxg— 48
Publisher’s website = Taylor and Francis (66), [~| title and abstract screening é ‘“: forpt):ra(fon y £
Wiley (201), InformsPubsOnline (75), Sage =1101 A?n_r_e, or the bovernance o
Journals (80), AIS elibrary (776, including ICIS ’ . _
proceedings = 341 & ECIS proceedings = 315) Ada Lovelace Institute = 12)
5 v
2 . . EXCl.u ded =175 .based on3 " Documents excluded based
2 Studies after screening = 117 —»| quality evaluation Number of dc after . "
[ heuristi ing =31 on Tyndall's (2008)
g euristics screening = 3 checklist= 4
1
S . . Results from backward and
Studies eligible = 38 |
NS gl forward search = 12
Excluded studies from ds eligible fi
Studies eligible for inclusion = 50 —» Backward and forward .Recor‘ s eligible for
search =2 inclusion = 27
—
Y
) Studies included for review
2 =48
= Reports included for review
=
- =27
—
Figure 1. The literature review process.

3.3 Data analysis

Data analysis began with an initial coding of the collected material, guided by the research question. We
then grouped similar codes into broader subcategories. In parallel, we examined how these subcategories
and their constituent codes were discussed in the academic and grey literature. Through iterative
comparison, we synthesized these observations into higher-order themes. In the final stage, we mapped
the themes and subcategories onto our three focal objects of Al governance: Al data, Al algorithms, and
Al models. The first author conducted the analysis, and the authors discussed interim results until
agreement was reached.

4 Results

This section contrasts academic and grey literature on Al governance across three recurring differences
in emphasis: first, how governance is structured in terms of principles and policies; second, how

2 Appendix C
https://docs.google.com/document/d/1F_NZzJ2Yb_AvuCTRorzzZRgG3LmqEMKDTCBr7PgI5QY c/edit?tab=t.0
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governance is articulated at the level of implementation; and third, where governance attention is placed
across the Al lifecycle. The comparison highlights dominant emphases rather than strict differences,
because both corpora exhibit overlap and exceptions. Table 1 summarizes governance practices in the
academic and grey literature across Al systems, Al algorithms, and Al models. The complete result is
published in the online Appendix A’

4.1 Academic and grey literature differ in how explicitly they articulate
principles and policies

In this study, we define principles as organizations’ foundational values and commitments that are often
normative and broad (Jobin et al., 2019). In the Al governance context, principles pertain to values and
commitments to ensure transparency and explainability, justice, fairness and non-discrimination, non-
maleficence, responsibility and accountability, privacy (Seppélé et al., 2021) in the Al development and
use process. Policies, in turn, translate these values and commitments into prescriptive rules that guide
the operational practices (Foote et al., 2005).

Both academic and grey literature discuss principles and policies relevant to Al governance, particularly
regarding Al data. In the academic literature, these are often articulated as normative commitments such
as explainability through Al output/decision and process-to-output / decision explanation (Papagiannidis
et al,, 2025; Tian et al., 2023), privacy through minimum data sharing (Janssen et al., 2020),
accountability through data ownership responsibilities (Papagiannidis et al., 2022), fairness and
transparency through data-driven ethical solutions (Rakova et al., 2021). These normative principles are
connected to organizational policies concerning data access, use, and management. Grey literature also
addresses such issues, particularly through commitments to data quality, privacy, security, protection,
and retention deletion upon request, data ethical principles (KPMG, 2026; Ernst & Young, 2024;
Perplexity, 2024; Boston Consulting Group, 2022; UNESCO, 2023; Bain & Company, n.d.).

The contrast becomes clearer in the Al algorithm and Al model governance. Academic literature often
makes the normative basis of governance more explicit by framing accountability, and transparency
(Shneiderman, 2020) as principles that inform algorithm-related governance choices. Grey literature, by
contrast, more often foregrounds policy-oriented and organizationally salient concerns such as model
quality by defining model quality characteristics, components, and metrics (European
Telecommunications Standards Institute, 2022), security (Ernst & Young, 2024), audit and compliance
such as access (Ada Lovelace Institute, 2023), without always making the underlying principles equally
explicit. Thus, the two literatures overlap in their treatment of governance concerns but differ in how
directly they articulate the normative and policy logic behind them.

4.2 Academic and grey literature differ in their articulation at the level of
implementation

Both literatures discuss concrete means for implementing Al governance. However, they tend to do so
in different ways. Academic literature often articulates governance through methods and mechanisms
such as differential privacy and data anonymization (De Laat, 2021), algorithmic bias detection
(Shneiderman, 2020), applying LIME algorithm (De Laat, 2021), building contestable Al (Lier et al.,
2023), benchmarking (Shneiderman, 2020), and feature and weight transparency (Tutun et al., 2024).
These are typically presented as governance-enabling mechanisms that can support goals such as
privacy, fairness, interpretability, explainability, or performance. Hence, these governance methods and
mechanisms are often grounded on normative principles in academic literature. For example, differential
privacy and data anonymization (De Laat, 2021) derives from privacy-related principles such as
separation of personal and sensitive data (Janssen et al., 2020). Similarly, the practice of sharing the

3 Appendix A
https://docs.google.com/document/d/1F_NZzJ2Yb_AvuCTRorzzZRgG3LmqEMKDTCBr7PgI5QY c/edit?tab=t.0
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underlying algorithmic calculation (Loefflad et al., 2023) originates from the principle of algorithmic
accountability and transparency (Shneiderman, 2020).

Grey literature more often articulates governance through implementation-oriented technical controls,
safety and security procedures, and socio-technical organizational arrangements. For example, security
is ensured through control mechanisms such as Al access control (Perplexity, 2024), privacy protection
measures such as confidential computing (Microsoft, 2022), and federated learning (International
Telecommunication Union, 2024). Similarly, safety is implemented through prompt engineering
(International Association of Privacy Professionals, 2024), safety tuning (Google, 2025), and putting
guardrails for redline crossing (OpenAl, 2023). Beyond these procedural activities, documentation
artifacts such as model and system cards, lineage records (Google, 2025; Boston Consulting Group,
2022; International Association of Privacy Professionals, 2024) and data provenance (International
Association of Privacy Professionals, 2024; Boston Consulting Group, 2022; Ada Lovelace Institute,
2023) for auditability and accountability demonstrates the socio-technical aspect of the implementation
approach. However, unlike academic literature, grey literature implementation is not formulated on
normative grounds, as data reveals Al algorithms and Al models objects lack principles and policy
discussions.

However, the contrast is not simply that one literature is conceptual and the other practical. Rather,
academic literature tends to foreground mechanisms for achieving governance objectives, whereas grey
literature more often foregrounds the organizational embedding of governance in operational practice.

4.3 Academic and grey literature differ in temporal orientation across the Al
lifecycle

A third difference concerns the lifecycle stages that receive most attention. Academic literature tends to
emphasize pre-deployment governance activities including data preparation, model training, and
approval for deployment. For example, data is prepared with activities such as bias testing
(Shneiderman, 2020; De Laat, 2021), analyzing features (De Laat, 2021), data curation and reweighing
(Shneiderman, 2020; De Laat, 2021), feature extraction and data partitioning (Zhdanov et al., 2021).
Then, methods such as substantive rationality (Nishant et al., 2023), supervised learning method
(Tanriverdi et al., 2023), and context-adaptive models (Lier et al., 2023) are applied to train the model
with the prepared data. Finally, the model is validated through benchmarking (Shneiderman, 2020) and
intervening mechanisms, such as quality gates (Mayer et al., 2024), ensuring that developed Al models
meet quality requirements. These discussions are often tied to design-time choices intended to shape
system behavior before deployment.

Grey literature emphasizes post-deployment governance, particularly monitoring, maintenance, incident
response, and performance oversight related activities. For example, a model can be maintained through
daily database backup (Perplexity, 2024) and regular model updates (Schuett et al., 2023). As model
behavior is continuously monitored through model weight tracking (Schuett et al., 2023) and
performance forecasting (Anthropic, 2024), corrections are performed, when necessary, through prompt
engineering (International Association of Privacy Professionals, 2024) and safety tuning (Google,
2025).

Thus, in this corpus, governance appears more often as an ongoing operational task that continues after
deployment. At the same time, this is a difference in emphasis rather than a strict divide, since academic
literature also includes some post-deployment monitoring such as monitoring model stability
(Schaschek & Engel, 2023), overoptimism (Liu & Kirshner, 2024), and changes in outcomes (Janssen
et al., 2020), and grey literature includes pre-deployment concerns such as data quality investigations
(G7, 2021; International Telecommunication Union, 2024), and data poisoning prevention (UNESCO,
2023).
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Governance | Governance practices in the academic | Governance practices in the grey literature
objects literature
Al Data Minimum data sharing Commitment to data quality, privacy, security,
Janssen et al. (2020) protection, retention, deletion upon request, data
ethical principles
KPMG (2026); Ernst & Young (2024); Perplexity
(2024); UNESCO (2023)
Data ownership responsibilities Confidential computing Microsoft (2022)
Papagiannidis et al. (2022)
Data driven approach to ethical Federated learning
challenges International Telecommunication Union (2024)
Rakova et al. (2021)
Data encryption and anonymization; Daily database backup Perplexity (2024)
Differential privacy
De Laat (2021); Strobel & Banh (2024)
Bias testing; Data curation and Regular model updates; Model weights tracking
reweighing Schuett et al. (2023)
De Laat (2021)
Al Al output and process to output Providing reasoning rationale
Algorithms explanation; Al decision explanation, European Telecommunications Standards
Process-to-decision explanation Institute (2022)
Papagiannidis et al. (2025); Tian et al.
(2023)
Algorithmic accountability and
transparency; Algorithmic bias
detection; Benchmarking
Shneiderman (2020)
Al Models Contestable Al with counterfactual data | Defining quality characteristics of model
Lier et al. (2023) components, Quality metrics for models
European Telecommunications Standards
Institute (2022)
Placing quality gates before deployment | Warranting model security Ernst & Young (2024)
Mayer et al. (2024) Al access control Perplexity (2024)
Prompt engineering
International Association of Privacy Professionals
(2024)
LIME algorithm Safety tuning Google (2025)
De Laat (2021) Guardrails for redline crossing OpenAl (2023)
Model cards
Google (2025); Boston Consulting Group (2022);
International Association of Privacy Professionals
(2024)
Table 1. Excerpt of Al Governance approaches in Academic and Grey Literature.
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5 Discussion

5.1 Key findings

This study contrasted academic literature on Al governance with grey literature, with a particular focus
on Al data, Al algorithms, and Al models. Drawing on a systematic literature review of academic
literature with deliberate incorporation of grey literature, our findings show three differences in how
these two bodies of literature approach Al governance implementation. First, the academic literature
tends to ground governance in normative principles such as privacy, transparency, and accountability,
whereas the grey literature tends to ground it in policies and operational concerns without articulating
the underlying normative logic. Second, the academic literature articulates governance implementation
through principled mechanisms, while the grey literature articulates it through organizational
embeddings that are operationally important but normatively overlooked. Third, academic literature
focuses on pre-deployment governance activities, including data preparation, model training, and pre-
deployment approval, whereas grey literature focuses on post-deployment governance activities, such
as monitoring and maintenance. In reflection of these findings, the differences do not merely signify the
contrast in the framing or tonality, rather, such differences structurally complement each other - one
corpus addressing dimensions of Al governance that the other leaves out. This complementarity leads
towards a complete Al governance implementation in organizations.

5.2 Theoretical contributions

This study advances IS scholarship on Al governance (Batool et al., 2025; Birkstedt et al., 2023;
Maintymaki et al., 2022; Papagiannidis et al., 2022) in three ways. First, we have elaborated on how the
academic literature foregrounds normative principles and grey literature foregrounds operational
policies — sheds light on the work of Méantymaki et al. (2022) and Birkstedt et al. (2023). Both studies
highlighted the research gap: translation from (AI ethics) principles to practice and governance
operationalization, respectively. Our research expands on this by framing the challenge not merely as a
gap in the academic literature, but as a structural separation between the two epistemic communities.
Academic literature produces principle-driven normative knowledge without operational foresight,
while grey literature produces operational knowledge that is practical without any normative anchoring.
Neither of these literatures addresses this gap independently.

Furthermore, our study directly responds to Batool et al. (2025), who proposed extending their
governance analysis to grey literature, and Méantymaki et al. (2022), who suggested a synthesis of both
academic and grey literature. Thus, we contribute to the current IS scholarship by incorporating and
synthesizing governance from both academic and grey literature. We argue that the differences in
governance emphases between the two Al governance literatures are structural features of the
knowledge production of the two corpora. Without incorporating grey literature, such observations
would not have surfaced.

Second, we describe how the academic literature foregrounds mechanisms as an implementation
approach to achieving governance objectives, whereas the grey literature more often foregrounds the
organizational embedding of governance in operational practice. We argue that there is a logical
difference between the literatures: the academic literature embodies a design logic that foregrounds
governance mechanisms, whereas the grey literature employs an operational logic. Although prior
literature identified the need for tools and frameworks (Méntymaéki et al., 2022) and an agenda for
integrating Al into software development (Birkstedt et al., 2023), reviews did not include practitioner
settings and thus excluded grey literature. Our study invokes this gap by including grey literature in the
discussion. We support existing literature by identifying governance-enabling mechanisms (tools in
prior literature) and extend them by highlighting a gap: principled governance mechanisms are not
operationalized institutionally in the academic literature as they are in the grey literature. We view this
gap as a situational or organizational challenge: underutilization of latent assets (governance
mechanisms) across organizations to operationalize governance.
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Third, by discussing how academic literature focuses on pre-deployment governance, whereas grey
literature focuses on post-deployment governance, we address the current literature gap related to the
coverage of the Al system. The academic literature emphasizes preventive actions before release,
including data preparation, model training, and deployment approval. In contrast, grey literature
discusses corrective actions through monitoring and maintenance activities in operations. Thus,
together, the academic and grey literature cover a complete Al system lifecycle. With this finding, our
study directly responds to the prior calls for complete lifecycle coverage in Al governance (Méntyméki
et al., 2022; Batool et al., 2025). Our contribution to the IS literature in this regard is that the different
lifecycle focus between the two literatures is a systematic property of how each attends to governance.
Based on this insight, we conclude that academic and grey literature are complementary in their temporal
orientation.

Synthesizing our findings, we advance IS literature by proposing the structural complementarity thesis:
academic and grey literature are not competing bodies; they are structurally interdependent. Academic
literature provides normative foundations and principled mechanisms at the pre-deployment stage that
grey literature often lacks. Grey literature provides operational policies and mechanisms at the post-
deployment stage that governance mechanisms in the academic literature require to function. Thus,
individually, they are insufficient in producing Al governance knowledge. We show, with evidence, that
it is therefore value-adding to integrate grey literature into the Al governance literature review. We
further show at which points (principles, policies, implementation approaches, and lifecycle stages)
integration is required.

5.3 Practical implications

For Al governance practitioners, this study provides three critical implications. First, organizations
formulating their Al governance framework should not exclusively rely on academic or grey literature.
As we demonstrated, each literature is structurally different and complementary to the others. Therefore,
a governance framework that starts with normative principles from the academic literature and maps
them onto operational practices in the grey literature will likely be more robust. Second, the
underdeveloped normative principles in grey literature may pose an organizational risk. Without
principled foundations, organizations may struggle to justify their operational practices, leading to
compliance issues. Hence, organizations should explicitly develop normative principles and connect
them to concrete operational practices. Finally, our observation of differences in the Al lifecycle may
suggest that many organizations are focusing on either pre-deployment or post-deployment governance
practices. Such a design may create a design risk: emerging risks appearing at ungoverned lifecycle
stages. A complete lifecycle coverage of governance would likely resolve this issue.

5.4 Limitations and future research

This study has several limitations. First, the broad keyword “Al governance” may have excluded other,
more specific thematic sources. Second, the timeframe (January 2022 - March 2025) limits the
identification of longitudinal insights and the evolution of practices. Third, grey literature selection was
more subjective and selective than that of academic literature, excluding preprints and organizations
with a niche focus. Finally, the focus on Al data, algorithms, and models leaves out several other
potentially relevant areas of Al governance for future studies to address.
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