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The Levenshtein’s Sequence Reconstruction
Problem and the Length of the List

Ville Junnila, Tero Laihonen and Tuomo Lehtilä

Abstract—In the paper, the Levenshtein’s sequence reconstruc-
tion problem is considered in the case where the transmitted
words are chosen from an e-error-correcting code, at most t
substitution errors occur in each of the N channels and the
decoder outputs a list of length L. Previously, when t = e + ℓ
and the transmitted word is long enough, the numbers of required
channels were determined for L = 1, 2 and ℓ+1. Here we deter-
mine the exact number of channels in the cases L = 3, 4, . . . , ℓ.
This also provides the size of the largest intersection of L balls of
radius t (with respect to substitutions) centered at the words with
mutual Hamming distances at least 2e+1. Furthermore, with the
aid of covering codes, we also consider the list sizes in the cases
where the length n is rather small (improving previously known
results). After that we study how much we can decrease the
number of required channels when we use list-decoding codes.
Finally, the majority algorithm is discussed for decoding in a
probabilistic set-up; in particular, we show that the output word
of the decoder can be verified to be the transmitted one with
high probability.

Index Terms—Information Retrieval, Levenshtein’s Sequence
Recontruction, List Decoding, Majority Algorithm, Substitution
Errors.

I. INTRODUCTION

In this paper, the Levenshtein’s sequence reconstruction
problem, which was introduced in [2], is studied when the
errors are substitution errors. For many related sequence re-
construction problems (concerning, for instance, deletion and
insertion errors) consult, for example, [2]–[9]. Originally, the
motivation for the sequence reconstruction problem came from
biology and chemistry where the familiar redundancy method
of error correction is not suitable. The sequence reconstruction
problem has returned to the focus, since it was recently
discovered that this problem is highly relevant to information
retrieval in advanced storage technologies. In these storage
systems the stored information is either a single copy, which is
read many times, or the stored information has several copies
[5], [10]. This problem (see [5]) is especially applicable to
DNA data storage systems (see [11]–[14]) where DNA strands
provide numerous erroneous copies of the information and the
goal is to recover the information using these copies.
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Let us denote the set {1, 2, . . . , n} by [1, n]. Denote by F the
finite field of two elements, and denote the binary Hamming
space by Fn. The support of the word x = x1 . . . xn ∈ Fn

is defined via supp(x) = {i | xi ̸= 0}. Let us denote the
all-zero word 0 = 00 . . . 0 ∈ Fn and by ei ∈ Fn a word with
1 in the ith coordinate and zeros elsewhere. The Hamming
weight w(x) of x ∈ Fn is |supp(x)|. The Hamming distance
is defined as d(x,y) = w(x + y) for x,y ∈ Fn. Let us
denote the Hamming ball of radius t centered at x ∈ Fn

by Bt(x) = {y ∈ Fn | d(x,y) ≤ t} and its cardinality
by V (n, t) =

∑t
i=0

(
n
i

)
. The Hamming sphere of radius t

centered at x ∈ Fn is St(x) = {y ∈ Fn | d(x,y) = t}.
A nonempty subset of Fn is called a code and its elements
are called codewords. The minimum distance of a code
C ⊆ Fn is defined as dmin(C) = minc1,c2∈C,c1 ̸=c2 d(c1, c2).
Consequently, the code C has the error-correcting capability
e = e(C) = ⌊(dmin(C) − 1)/2⌋. Let us denote by ε ≃
2.71828 . . . the Napier’s constant. With Θ(g(n)) we denote
a set of functions such that f(n) ∈ Θ(g(n)) if there exist
positive reals k1, k2 and n0 such that for all n > n0 we have
k1g(n) ≤ f(n) ≤ k2g(n).

Next we consider the sequence reconstruction problem.
For the rest of the paper, let C ⊆ Fn be any e-error-
correcting code. A codeword x ∈ C is transmitted through
N channels where, in each of them, at most t substitution
errors can occur. In the sequence reconstruction problem,
our aim is to reconstruct x based on the N distinct outputs
Y = {y1, . . . ,yN} from the channels (see Fig. 1).

Fig. 1. The Levenshtein’s sequence reconstruction.

It is assumed that t > e(C) (if t ≤ e(C), then only one
channel is enough to reconstruct x). For ℓ ≥ 1, let us denote

t = e(C) + ℓ = e+ ℓ

for the rest of paper. The situation where we obtain sometimes
a short list of possibilities for x instead of always recovering
x uniquely, is considered in [15], [16]. Based on the set Y and
the code C, the list decoder (see Fig. 1) D gives an estimation
TD = TD(Y ) = {x1, . . . ,x|TD|} on the sequence x which we
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try to reconstruct. We denote by LD the maximum cardinality
of the list TD(Y ) over all possible sets Y of output words. The
decoder is said to be successful if x ∈ TD for all input words
x and all possible output sets Y . In this paper, we focus on the
smallest possible value of LD over all successful decoders D,
in other words, on L = minD is successful{LD}. Let us denote

T = T (Y ) = C ∩

⋂
y∈Y

Bt(y)

 .

Consequently,

L = max{|T (Y )| | Y is a set of N output words}.

The value of L depends on e, ℓ, n and N . Obviously, one
would like to have as small L as possible. Observe that
we consider the worst case scenario of the output channels
regarding L. In such a situation, the channels are sometimes
called adversarial; for example, see [17]. The problem of
minimizing L is studied, for example, in [15], [16], [18]–[21].
Also a probabilistic versions of this problem have been studied
(often under the name trace reconstruction) for example in
[22], [23]. In this paper, we mainly consider the relation
between N and L for various n after we fix the parameters
ℓ and e (while letting C be any e-error-correcting code).
The sequence reconstruction problem is also closely related
(see [18]) to information retrieval in associative memory
introduced by Yaakobi and Bruck [15], [16].

The structure of the paper is as follows. In Section II, we
recall some of the known results. In particular, it is pointed out
that if we have at least (resp. less than) V (n, ℓ−1)+1 channels,
then the list size is constant with respect to n (resp. there
are e-error-correcting codes with list size depending on n). In
Section III, we give the complete correspondence between the
list size and the number of channels when we have more than
V (n, ℓ−1)+1 channels and n is large enough. It is sometimes
enough to increase the number of channels only by a constant
amount in order to decrease the list size (see Corollary 14).
Section IV focuses on improving the bounds on the list size
when n is not restricted and we obtain strictly more channels
than V (n, ℓ−1)+1. Section V is devoted to list size when we
have less than V (n, ℓ−1)+1 channels. The final section deals
with the reconstruction with the aid of a majority algorithm
on the coordinates among the output words in Y .

II. KNOWN RESULTS

In this section we present some known results on how the
two values of N and L are linked. The basic idea on estimating
L is the following: we analyse the maximum number of
output words (N ) we can fit in the intersection of L t-radius
balls centered at codewords. As expected, the length L of the
outputted list strongly depends on the number of channels.

Previously, in [2] and [15], the problem has been considered
for L = 1 and L = 2, respectively. Moreover, in [24], the exact
number of channels N required to have L constant on n has
been presented, see Theorems 4 and 5. The following theorem
gives an exact number of channels required to have L = 1.

Theorem 1 ([2]). We have L ≤ 1 if

N ≥
ℓ−1∑
i=0

(
n− 2e− 1

i

) t−i∑
k=e+1+i−ℓ

(
2e+ 1

k

)
+ 1.

Theorem 2 ([15]).
If N ≥

∑
i1,i2,i3,i4

(n−⌈ 3d
2 ⌉

i1

)(⌈ d
2 ⌉
i2

)(⌈ d
2 ⌉
i3

)(⌊ d
2 ⌋
i4

)
+ 1 for

• 0 ≤ i1 ≤ t− ⌈d
2⌉,

• i1 + ⌊d
2⌋ − t ≤ i4 ≤ t− ⌈d

2⌉ − i1,
• 2⌈d

2⌉ − t+ i1 ≤ i3 ≤ t− (i1 + i4) and
• max{i1 − i3 − i4 + ⌈ 3d

2 ⌉ − t, i1 + i3 + i4 + ⌈d
2⌉ − t} ≤

i2 ≤ t− (i1 + i4 + ⌈d
2⌉ − i3),

then L ≤ 2 for any code C with minimum distance d.

The following theorem reformulates a result achieved by
Yaakobi and Bruck [15, Algorithm 18] proven in [24].

Theorem 3. Let n ≥ 2ℓ − 1 and C be an e-error-correcting
code in Fn. If N ≥ V (n, ℓ− 1) + 1, then we have

L ≤
(
2ℓ

ℓ

)
.

The bound in Theorem 3 can be improved to 2ℓ which has
been shown to be tight in [24].

Theorem 4 (Theorem 7, [24]). Let n ≥ ℓ and C be an e-
error-correcting code in Fn. If N ≥ V (n, ℓ− 1) + 1, then we
have

L ≤ 2ℓ.

Besides the 2ℓ part, also the value V (n, ℓ− 1) + 1 for the
number of channels is tight, that is, if the value of N is smaller,
then list size L can be linear with respect to n.

Theorem 5 (Theorem 10, [24]). If N ≤ V (n, ℓ−1), then there
exists an e-error-correcting code such that L ≥ ⌊n/(e+ 1)⌋.

Let us denote for the rest of the paper n(e, ℓ, b) = (ℓ −
1)2
(
b− e+ (e+ 1)

(
b− 3e− 2e2 + eb+

(
b−2e−1

2

)))
+ ℓ−

2. Although the bound for L in Theorem 4 cannot be improved
in general, we can improve it, when n is large, to ℓ+ 1.

Theorem 6 (Theorem 20, [24]). Let n ≥ n(e, ℓ, b), b =
max{3t, 4e + 4}, |Y | = N ≥ V (n, ℓ − 1) + 1 and C be
an e-error-correcting code. Then we have

L ≤ ℓ+ 1.

Moreover, the following theorem shows that the previous
upper bound L ≤ ℓ+ 1 is tight when N = V (n, ℓ− 1) + 1.

Theorem 7 (Theorem 9, [24]). If n ≥ ℓ + ℓe + e and the
number of channels satisfies N ≤ V (n, ℓ− 1) + 1, then there
exists an e-error-correcting code C ⊆ Fn

2 such that L ≥ ℓ+1.

As we see, N is known precisely only for three values
when L is constant on n. In the following section, we give
the missing values of N .
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III. LIST SIZE WITH MORE CHANNELS

In this section, we give exact bounds for the number of
channels N (when n is large) which is required for satisfying
L < h for every constant value of h. As noticed above, N
was previously known only for three values h = 2, 3, ℓ + 2.
To achieve this, we need to introduce two technical lemmas
from [24].

In the following lemma, when n is large, it is shown that
if any three codewords in T (Y ) differ within some subset of
coordinates D of constant size b, then there exists an output
word y which differs from these codewords in at least ℓ − 1
coordinate positions outside of D. Notice that supp(w + z)
gives the set of coordinates in which w and z differ.

Lemma 8 (Lemma 18, [24]). Let b ≥ 3t be an integer with
t = e+ ℓ and C1 be an e-error-correcting code. Assume that
n ≥ n(e, ℓ, b), |Y | = N ≥ V (n, ℓ − 1) + 1, |T (Y )| ≥ 3
and c1, c2, c3 ∈ T (Y ). If now D ⊆ [1, n] is a set such that
|D| = b and

supp(c1 + c2) ∪ supp(c1 + c3) ∪ supp(c2 + c3) ⊆ D,

then for any word w ∈ Fn we have supp(w + c1) \ D =
supp(w + c2) \ D = supp(w + c3) \ D and there exists an
output word y ∈ Y such that

|supp(y + c1) \D| ≥ ℓ− 1.

The following lemma shows that the distance between any
codewords in T (Y ) is either 2e+ 1 or 2e+ 2.

Lemma 9 (Lemma 19, [24]). Let n ≥ n(e, ℓ, 3t), |Y | = N ≥
V (n, ℓ−1)+1, C be an e-error-correcting code and |T (Y )| ≥
3. Then we have d(c1, c2) ≤ 2e+2 for any two c1, c2 ∈ T (Y ).

We denote by N ′(n, ℓ, e, h) the maximum number of t-
error channels such that there exists a set of output words
Y ⊆ Fn satisfying |Y | = N ′(n, ℓ, e, h) and |T (Y )| ≥ h for
some e-error correcting code C. Observe that N ′(n, ℓ, e, h)
is a non-increasing function on h. By Theorems 5 and 6,
N ′(n, ℓ, e, h) = V (n, ℓ− 1) for all ℓ+ 2 ≤ h ≤ ⌊n/(e+ 1)⌋
when n is large enough. Hence, when we use notation
N(n, ℓ, e, h), we assume that h is the smallest integer among
all h′ for which N ′(n, ℓ, e, h) = N ′(n, ℓ, e, h′). When the
exact formulation is not necessary for clarity, we denote
N(n, ℓ, e, h) = Nh. Observe that, if N ≥ Nh+1, then L < h
for all e-error-correcting codes. In particular, the difference
between N ′(n, ℓ, e, h) and N(n, ℓ, e, h) is that N ′(n, ℓ, e, h)
exists for each value of h but may give the same values for
different choices of h while N(n, ℓ, e, h) does not exist for
every choice of h but each value it attains is unique. For
example, N(n, ℓ, e, h) does not exist (when n is large) for
ℓ+ 3 ≤ h ≤ ⌊n/(e+ 1)⌋.

Remark 10. Values N ′(n, ℓ, e, h) and N(n, ℓ, e, h) can also
be interpreted as the maximum sizes of intersections of any
h Hamming balls of radius t = e + ℓ centered at words
with pairwise minimum distance of 2e + 1 in the binary
Hamming space of length n. In other words, N ′(n, ℓ, e, h) =
max |

⋂h
i=1 Bt(ci)| where the maximum is taken over h words

such that d(ci, cj) ≥ 2e+1 and ci ∈ Fn for each 1 ≤ i, j ≤ h

with i ̸= j. For a more detailed introduction to this perspective,
the reader is encouraged to see the discussion related to
notation Nt(m, d) in [15].

We need the following two technical notations in the next
theorem. Let us have ℓ, e, h, w ∈ N, then

Ww = {(i1, . . . , ih) | for each j :

ij ∈ N, e+ 1 ≥ ij ≥
w + 1− ℓ

2
and w ≥

h∑
j=1

ij


and

W ′
w =

{
(i1, . . . , ih) | each ij ∈ N, e ≥ i1 ≥

w − ℓ

2
and for

j ≥ 2 : e+ 1 ≥ ij ≥
w + 1− ℓ

2
and w ≥

h∑
j=1

ij

 .

In the following theorem, we give the maximum number of
channels N ′(n, ℓ, e, h) which gives list size L ≥ h for some
e-error-correcting code and if N > N ′(n, ℓ, e, h), then L < h
for all e-error-correcting codes. Later in Theorem 12, we show
that the two sums in the maximum of Equation (1) are equal.
Then, in Theorem 13, we show that the following theorem
actually holds for Nh as well. Theorem 11 is further analysed
in Corollaries 14, 15 and 16.

Theorem 11. Let n ≥ n(e, ℓ, b), b ≥ max{3t, 4e+4}, ℓ ≥ 2,
3 ≤ h ≤ ℓ+ 1. Then

N ′(n, ℓ, e, h) = V (n, ℓ− 1)+

max

∑
w≥ℓ

∑
(i1,...,ih)∈Ww

(
n− h(e+ 1)

w −
∑h

j=1 ij

) h∏
j=1

(
e+ 1

ij

)
, (1)

∑
w≥ℓ

∑
(i1,...,ih)∈W ′

w

(
n+ 1− h(e+ 1)

w −
∑h

j=1 ij

)(
e

i1

) h∏
j=2

(
e+ 1

ij

) .

Proof. Let us have N = N ′(n, ℓ, e, h), n ≥ n(e, ℓ, b), b ≥
max{3t, 4e + 4}, ℓ ≥ 2 and 3 ≤ h ≤ ℓ + 1. Moreover, let
C be an e-error-correcting code maximizing |

⋂h
i=1 Bt(ci)|

for some h codewords ci and that we have L = h when
N = N ′(n, ℓ, e, h). Furthermore, let Y be a set of outputs such
that |T (Y )| = L = h and let us denote T (Y ) = {c1, . . . , ch}.
Observe that we have |Y | = N ′(n, ℓ, e, h) = |

⋂h
i=1 Bt(ci)|.

By Theorem 5, we have N ≥ V (n, ℓ−1)+1. By Lemma 9
and due to the fact that C is an e-error-correcting code, we
have d(ci, cj) ∈ {2e+1, 2e+2} for each i ̸= j. Since we are
considering binary Hamming space and h ≥ 3, all pairwise
distances cannot be 2e + 1. Let us assume without loss of
generality that d(c1, c2) = 2e+2 and let us then translate the
Hamming space so that c1 = 0. Now w(c2) = 2e + 2 and
w(c3) ∈ {2e+ 1, 2e+ 2}. Moreover,

|supp(c2) ∩ supp(c3)| = e+ 1, (2)

since e+1 = ⌈d(c2, c3)/2⌉ = ⌈(w(c2)+w(c3)−2|supp(c2)∩
supp(c3)|)/2⌉ = 2e + 2 − |supp(c2) ∩ supp(c3)|. Let D be
any subset of [1, n] satisfying supp(c1+c2)∪ supp(c1+c3)∪
supp(c2 + c3) = supp(c2) ∪ supp(c3) ⊆ D and |D| = b.
We can make this choice for D since |supp(c2)∪ supp(c3)| ≤
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3e+3. Observe that supp(c1)\D = supp(c2)\D = supp(c3)\
D = ∅.

By Lemma 8, there exists an output word y ∈ Y such that

|supp(y) \D| = |supp(c1 + y) \D| ≥ ℓ− 1. (3)

Since d(y, c1) ≤ t, we have w(y) ≤ t. Furthermore, we have
t ≥ d(y, c2) ≥ |supp(y)\D|+w(c2)−|supp(y)∩supp(c2)| ≥
(ℓ− 1) + (2e+2)− |supp(y)∩ supp(c2)|. Hence, |supp(y)∩
supp(c2)| ≥ e+1. Moreover, |supp(y)∩ supp(c2)| ≤ w(y)−
|supp(y) \D| ≤ e+ 1. Therefore,

|supp(y) ∩ supp(c2)| = e+ 1. (4)

Thus, supp(y) = (supp(y) ∩ supp(c2)) ∪ (supp(y) \D) and

supp(y) ∩ (supp(c3) \ supp(c2)) = ∅. (5)

Hence, supp(y)∩ supp(c3) ⊆ supp(c2). Moreover, notice that
if supp(y) ∩ (supp(c2) \ supp(c3)) ̸= ∅, then |supp(y) ∩
(supp(c2)\ supp(c3))| ≥ 1. Recall that |supp(y)\D| ≥ ℓ−1.
Thus, in this case we have |supp(c3) ∩ supp(y)| ≤ w(y) −
|supp(y) \D| − |supp(y)∩ (supp(c2) \ supp(c3))| ≤ t− (ℓ−
1)−1 = e. Hence, |supp(c3)\supp(y)| = w(c3)−|supp(c3)∩
supp(y)| ≥ 2e + 1 − e = e + 1. Furthermore, we have
d(y, c3) ≥ |supp(y)\D|+|supp(y)∩(supp(c2)\supp(c3))|+
|supp(c3) \ supp(y)| ≥ (ℓ − 1) + 1 + (e + 1) = t + 1 > t (a
contradiction). Therefore, we have

supp(y) ∩ (supp(c2) \ supp(c3)) = ∅. (6)

Equations (2), (3), (4), (5) and (6) together with w(y) ≤ t
give that supp(y) ∩D = supp(c2) ∩ supp(c3).

Furthermore, for each i ∈ [4, h], we may choose set D
as set Di in such a way that supp(ci) ⊆ Di since we have
defined |D| = b ≥ 4e + 4 and supp(ci) ∪ supp(c1 + c2) ∪
supp(c1+c3)∪supp(c2+c3) = supp(ci)∪supp(c2)∪supp(c3).
Indeed, we have d(ci, cj) ∈ {2e + 1, 2e + 2} and w(cj) ∈
{2e + 1, 2e + 2} for each i, j ∈ [2, h]. Hence, |supp(ci) \
(supp(c2)∪supp(c3))| ≤ |supp(ci)\supp(c2)| ≤ e+1. Recall
that |supp(c2)∪supp(c3)| ≤ 3e+3. Thus, we have |supp(c2)∪
supp(c3) ∪ supp(ci)| ≤ (3e + 3) + (e + 1) = 4e + 4. Hence,
by Lemma 8, for each i ∈ [4, h], there exists an output word
y′
i ∈ Y such that |supp(c1 + y′

i) \Di| ≥ ℓ− 1. Therefore, as
above, supp(y′

i) ∩Di = supp(c2) ∩ supp(c3) and supp(y′
i) ∩

Di = supp(c2) ∩ supp(ci) implying supp(c2) ∩ supp(ci) =
supp(c2) ∩ supp(c3). In particular, we have now shown that
supp(c2) ∩ supp(cj) (for j ∈ [3, h]) does not depend on our
choice for j.

Finally, translate the Hamming space so that the word z with
supp(z) = supp(c2)∩supp(c3) becomes z = 0. Then we have
w(cj) ∈ {e, e+1} (for j ∈ [1, h]) and supp(ci)∩supp(cj) = ∅
for each i ̸= j since d(ci, cj) ∈ {2e+1, 2e+2}. Moreover, at
most one of cj can have weight e by the minimum distance
of C.

Let us then count the number of words in
⋂h

i=1 Bt(ci).
Recall that we have |Y | = |

⋂h
i=1 Bt(ci)|. Clearly, each

word y with w(y) ≤ ℓ − 1 belongs to the intersection
contributing V (n, ℓ − 1) words to Y . Assume then that
w(y) = w ≥ ℓ. As d(y, cj) ≤ t for all j ∈ [1, h], we
have d(y, cj) = w(y) + w(cj) − 2|supp(y) ∩ supp(cj)| ≤ t.

Denote ij = |supp(y)∩ supp(cj)|. Assume first that w(cj) =
e + 1 for all j. Then y ∈ Bt(cj) if and only if we have
d(y, cj) = w + e + 1 − 2ij ≤ t. Hence, e + 1 ≥ ij ≥
(w + 1 − ℓ)/2. Moreover,

∑h
j=1 ij ≤ w since w(y) = w

and supp(cj1) ∩ supp(cj2) = ∅ for each j1 ̸= j2. In other
words, y ∈

⋂h
i=1 Bt(ci) if and only if (i1, . . . , ih) ∈ Ww.

Recall that the supports of the codewords ci, cj are disjoint
and thus, each ij is linked to a unique support. Hence,
there exist

∑
(i1,...,ih)∈Ww

( n−h(e+1)

w−
∑h

j=1 ij

)∏h
ij=1

(
e+1
ij

)
words of

weight w ≥ ℓ in
⋂h

i=1 Bt(ci).
Let us next consider the case where w(ck) = e for

some k, say k = 1, we have e ≥ i1 ≥ (w − ℓ)/2
(recall that w(ci) = e + 1 for each i ̸= k). Hence, y ∈⋂h

i=1 Bt(ci) if and only if (i1, . . . , ih) ∈ W ′
w. Thus, there

exist
∑

(i1,...,ih)∈W ′
w

(n+1−h(e+1)

w−
∑h

j=1 ij

)(
e
i1

)∏h
ij=2

(
e+1
ij

)
words of

weight w ≥ ℓ in
⋂h

i=1 Bt(ci). Together these give the claim.

Observe by the proof that the bound given in Theorem 11
is tight. Notice also that, compared to [24] which considered
only the case h = ℓ + 2, the output sets giving maximal list
size in Theorem 11 are geometrically more complicated than
in [24] where a ball of volume V (n, ℓ− 1) was essential.

If we increase N by one, then L decreases since we
cannot place the output words within the intersection of t-
balls centered at codewords in T (Y ). Later, in Theorem 13
we see that L decreases by exactly one (given a suitable e-
error correcting code C). Another observation is that although
the sums do not include an upper bound for w, there is one.
Namely the definition, for Ww, gives that w ≤ 2e+ ℓ+1 and
for W ′

w that w ≤ 2e+ ℓ.
In the following theorem, we improve the previous result

by showing that the two binomial sums within the max are
actually equal.

Theorem 12. Let n ≥ n(e, ℓ, b), b ≥ max{3t, 4e+4}, ℓ ≥ 2,
3 ≤ h ≤ ℓ+ 1. Then

N ′(n, ℓ, e, h)− V (n, ℓ− 1)

=
∑
w≥ℓ

∑
(i1,...,ih)∈Ww

(
n− h(e+ 1)

w −
∑h

j=1 ij

) h∏
j=1

(
e+ 1

ij

)

=
∑
w≥ℓ

∑
(i1,...,ih)∈W ′

w

(
n+ 1− h(e+ 1)

w −
∑h

j=1 ij

)(
e

i1

) h∏
j=2

(
e+ 1

ij

)
.

Proof. Observe that the claim follows from Theorem 11 if we
can prove that the two binomial sums in the claim are equal.
For that, we will be considering subsums

Sa =

ℓ+2a+1∑
w=ℓ+2a

∑
(i1,...,ih)∈Ww

((
n− h(e+ 1)

w −
∑h

j=1 ij

)

·
h∏

j=1

(
e+ 1

ij

) (7)
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and

S′
a =

ℓ+2a+1∑
w=ℓ+2a

∑
(i1,...,ih)∈W ′

w

((
n+ 1− h(e+ 1)

w −
∑h

j=1 ij

)

·
(
e

i1

) h∏
j=2

(
e+ 1

ij

) . (8)

We claim that Sa = S′
a for each non-negative integer a.

When w = ℓ+ 2a we have

Wℓ+2a = {(i1, . . . , ih) | for each j :

ij ∈ N, e+ 1 ≥ ij ≥ a+ 1 and ℓ+ 2a ≥
h∑

j=1

ij


and

W ′
ℓ+2a = {(i1, . . . , ih) | each ij ∈ N, e ≥ i1 ≥ a and for

j ≥ 2 : e+ 1 ≥ ij ≥ a+ 1 and ℓ+ 2a ≥
h∑

j=1

ij

 .

Moreover, for w = ℓ+ 2a+ 1 we have

Wℓ+2a+1 = {(i1, . . . , ih) | for each j :

ij ∈ N, e+ 1 ≥ ij ≥ a+ 1 and ℓ+ 2a+ 1 ≥
h∑

j=1

ij


and

W ′
ℓ+2a+1 = {(i1, . . . , ih) | each ij ∈ N, e ≥ i1 ≥ a+ 1 and

for j ≥ 2 : e+ 1 ≥ ij ≥ a+ 1 and ℓ+ 2a+ 1 ≥
h∑

j=1

ij

 .

Assume now that the codewords ci ∈ T (Y ) are arranged as
in the proof of Theorem 11, that is, each codeword has weight
e or e+ 1. Hence, their supports do not intersect. Recall that
we have at most one codeword with weight e and if that word
exists, then we are using set W ′

w in our binomial sum. For
further rearranging of the Hamming space, we assume that if
each word has weight e + 1, then supp(ci) = [(e + 1)(i −
1) + 1, (e + 1)i] and if there exists a word with weight e,
it is denoted by c′1 (replacing c1) and we have supp(c′1) =
[2, e+ 1].

Recall that w describes the weight of a word yi ∈⋂
c∈T (Y ) Bt(c) in the proof of Theorem 11 within the no-

tations Ww and W ′
w. When w(yi) = w = 2a+ ℓ and we are

considering case Sa, then |supp(yi)∩ supp(cj)| = ij ≥ a+1.
Let us denote by Y2a, Y2a+1, Y ′

2a and Y ′
2a+1 the sets of output

words contributing to the sums Sa and S′
a, respectively, where

Yw (resp. Y ′
w) contains output words of weight w + ℓ.

We will construct the proof by first showing that Y2a ⊆ Y ′
2a,

then that Y ′
2a+1 ⊆ Y2a+1 and finally that |Y ′

2a\Y2a| = |Y2a+1\
Y ′
2a+1|. Together, these imply that Sa = S′

a.
Assume that y ∈ Y2a. Thus, w(y) = ℓ+2a and |supp(y)∩

supp(ci)| ≥ a+ 1 for each i ∈ [1, h]. Hence, e ≥ |supp(y) ∩
supp(c′1)| ≥ a since supp(c1) = supp(c′1) ∪ {1}. Hence, y ∈
Y ′
2a.

Assume then that y ∈ Y ′
2a+1. Thus, w(y) = ℓ+2a+1 and

|supp(y)∩supp(ci)| ≥ a+1 for each i ∈ [2, h] and |supp(y)∩
supp(c′1)| ≥ a+ 1. Hence, |supp(y) ∩ supp(c1)| ≥ a+ 1 and
y ∈ Y2a+1. Therefore, Y2a ⊆ Y ′

2a and Y ′
2a+1 ⊆ Y2a+1.

Let us now consider output word y′ ∈ Y ′
2a \ Y2a. We again

have w(y′) = ℓ + 2a, |supp(y′) ∩ supp(cj)| = ij ≥ a + 1
for each j ∈ [2, h]. However, |supp(y′) ∩ supp(c1)| = a =
|supp(y′)∩supp(c′1)|. Observe that now especially supp(y′)∩
{1} = ∅. Thus, y′ + e1 ∈ Y2a+1. Consider then output word
y ∈ Y2a+1 \ Y ′

2a+1. We again have w(y) = ℓ + 2a + 1,
|supp(y)∩supp(cj)| = ij ≥ a+1 for each j ∈ [1, h]. However,
|supp(y)∩ supp(c′1)| = a; in particular, we have 1 ∈ supp(y).
Indeed, if 1 ̸∈ supp(y), then y ̸∈ Y2a+1 and if |supp(y) ∩
supp(c′1)| ≥ a + 1, then y ∈ Y ′

2a+1. Thus, y + e1 ∈ Y ′
2a.

Therefore, for each output word y′ ∈ Y ′
2a \ Y2a, we have

y′+e1 ∈ Y2a+1\Y ′
2a+1 and for each output word y ∈ Y2a+1\

Y ′
2a+1, we have y + e1 ∈ Y ′

2a \ Y2a. Thus, |Y ′
2a \ Y2a| =

|Y2a+1 \ Y ′
2a+1|.

Now, we have Sa = S′
a and the claim follows.

In the following theorem, we show that Nh exists and is
unique for each value of h ∈ [3, ℓ + 1] when n is large.
Hence, we may replace N ′(n, ℓ, e, h) in Theorems 11 and 12
by N(n, ℓ, e, h). As we have seen previously, this does not
hold when h ≥ ℓ+ 2.

Theorem 13. Let n ≥ n(e, ℓ, b), b ≥ max{3t, 4e+4}, ℓ ≥ 2,
3 ≤ h ≤ ℓ, then N ′(n, ℓ, e, h) > N ′(n, ℓ, e, h+ 1) for each h
and thus, each Nh exists and attains unique value.

Proof. Since N ′(n, ℓ, e, h + 1) denotes the maximum value
of |

⋂h+1
i=1 Bt(ci)| over all sets T (Y ) = {c1, . . . , ch+1},

we clearly have N ′(n, ℓ, e, h) ≥ N ′(n, ℓ, e, h + 1). As we
have seen in the previous theorems, the maximum value of
N ′(n, ℓ, e, h+ 1) is attained when the codewords in T (Y ) =
{c1, . . . , ch+1} have supports supp(ci) = [(i − 1)(e + 1) +
1, i(e + 1)]. We show that when we choose h of these code-
words, then we can fit more words in the intersection of their
t-balls. We clearly have

⋂h+1
i=1 Bt(ci) ⊆

⋂h
i=1 Bt(ci). In the

following, we show that there exists a word y ∈
⋂h

i=1 Bt(ci)\⋂h+1
i=1 Bt(ci) and hence, |

⋂h
i=1 Bt(ci)| > |

⋂h+1
i=1 Bt(ci)|.

Let w(y) = ℓ+ 1, |supp(y) ∩ supp(ci)| = 1 for i ∈ [1, h],
supp(y) ∩ supp(ch+1) = ∅ and |supp(y) ∩ [(h+ 1)(e+ 1) +
1, n]| = ℓ+ 1− h. We have d(y, ci) = ℓ+ 1+ e+ 1− 2 = t
for i ∈ [1, h] but d(y, ch+1) = ℓ + 1 + e + 1 = t + 2. Thus,
the claim follows.

Using Theorem 12, we can improve the bound L ≤ ℓ + 1
of Theorem 6 just by adding a constant number (e+1)ℓ+1 of
channels.

Corollary 14. Let n ≥ n(e, ℓ, b), b ≥ max{3t, 4e + 4} and
ℓ ≥ 3. If N ≥ V (n, ℓ− 1) + (e+ 1)ℓ+1 + 1, then L ≤ ℓ.

Proof. Assume that h = ℓ+1. Now the function N ′(n, ℓ, e, h)
of Theorem 12 may be replaced by N(n, ℓ, e, h) due to
Theorem 13. In order to calculate Nℓ+1, we consider the set
Ww with w ≥ ℓ. We get that ij ≥ 1 for each j ∈ [1, h] and
thus, w ≥ ℓ+1. On the other hand, w ≤ ℓ+1 when Ww ̸= ∅.
Indeed, if w ≥ ℓ + 2, then w ≥

∑h
j=1 ij ≥

∑ℓ+1
j=1 ij ≥
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(ℓ+1)(w+1−ℓ)/2 = (ℓ−1)(w+1−ℓ)/2+w−(ℓ−1) > w
and Ww = ∅ in this case. Therefore, as w = ℓ+1 and ij ≥ 1
for each j, we have Ww = {(1, 1, ..., 1)}. Thus, the sum corre-
sponding to Ww in Theorem 12 gives V (n, ℓ−1)+(e+1)ℓ+1.
Hence, if N ≥ Nℓ+1+1 = V (n, ℓ− 1)+ (e+1)ℓ+1+1, then
L ≤ ℓ.

In the following corollary, we present the asymptotic be-
haviour of Nh on n. Notice that Corollary 14 considers the
case h = ℓ+ 1 and Corollary 15 cases 3 ≤ h ≤ ℓ.

Corollary 15. Let ℓ ≥ h ≥ 3 and e ≥ 0 be fixed, n ≥
n(e, ℓ, b) and b ≥ max{3t, 4e + 4}. If N ≥ Nh + 1, then
L ≤ h− 1, where

Nh ∈ V (n, ℓ− 1) +

(
n− h(e+ 1)

ℓ+ 1− h

)
(e+ 1)h +Θ(nℓ−h).

Proof. By Theorem 12, we have Nh = V (n, ℓ − 1) +∑
w≥ℓ

∑
(i1,...,ih)∈Ww

( n−h(e+1)

w−
∑h

j=1 ij

)∏h
j=1

(
e+1
ij

)
. When we in-

spect the set Ww closer, we notice that
( n−h(e+1)

w−
∑h

j=1 ij

)
attains its

maximum value when w−
∑h

j=1 ij is as large as possible since
w ≤ 2e+ℓ+1 (recall that e and ℓ are constants with respect to
n). For the maximum value of w−

∑h
j=1 ij , let aj ∈ R for each

j = 1, . . . , h be such that aj ≥ 0 and ij = (w+1−ℓ)/2+aj ;
indeed, such aj exists as ⌈(w + 1− ℓ)/2⌉ ≤ ij ≤ e+ 1. This
implies that

w −
h∑

j=1

ij

=w −

h · w + 1− ℓ

2
+

h∑
j=1

aj


=w

(
1− h

2

)
+ h · ℓ− 1

2
−

h∑
j=1

aj .

Therefore, for the maximum, we require that the values aj are
as small as possible, i.e., ij = ⌈(w + 1− ℓ)/2⌉. Furthermore,
as h ≥ 3, the value w −

∑h
j=1 ij is maximized when w is as

small as possible. In particular, when w ∈ {ℓ, ℓ+1}, we have
⌈(w+1−ℓ)/2⌉ = 1 and when w = ℓ+1+a for some integer
a ≥ 1, we have ⌈(w+1−ℓ)/2⌉ = 1+⌈a/2⌉. Moreover, when
w = ℓ, we have w −

∑h
j=1 ij ≤ ℓ− h. When w = ℓ+ 1, we

have w−
∑h

j=1 ij ≤ ℓ+1−h and when w = ℓ+1+a, we have
w−
∑h

j=1 ij ≤ ℓ+1+a−h(1+⌈a/2⌉). Since h ≥ 3 and a ≥ 1,
we have ℓ+1+a−h(1+⌈a/2⌉) ≤ ℓ+1−h−⌈a/2⌉ ≤ ℓ−h.
Thus, we may concentrate on the case with w = ℓ+ 1.

Furthermore, as w = ℓ + 1 and ij = 1 for each j =

1, 2, . . . , h, we have
∏h

j=1

(
e+1
ij

)
= (e+ 1)h. Recall that e is

constant on n. Hence, for large n, it is enough to consider
the binomial coefficient

(
n−h(e+1)
ℓ+1−h

)
. Indeed, each binomial

coefficient has a multiplier bounded by a constant and the
number of binomial coefficients is also bounded by a constant
since |Ww| is bounded by a constant and Ww ̸= ∅ only
when w ≤ 2e+ ℓ+ 1. Moreover, the second largest binomial
coefficient is

(
n−h(e+1)

ℓ−h

)
and we have

(
n−h(e+1)

k

)
∈ Θ(nk),

when n is large and k ∈ N. Therefore, we have Nh ∈
V (n, ℓ− 1) +

(
n−h(e+1)
ℓ+1−h

)
(e+ 1)h +Θ(nℓ−h).

In Theorem 2, a tight bound for the number of channels to
certainly attain the list size L ≤ 2 is presented when code C
has minimum distance d. Observe, that when we choose h = 3
in Theorem 12, we attain the number of channels required to
have L ≤ 2. The bound of Theorem 2 by Yaakobi and Bruck
looks quite different from the bound in Theorem 12. However,
Theorem 2 can be obtained as a corollary from Theorem 12 as
shown in Corollary 16. The new presentation in Corollary 16
somewhat simplifies the inequalities for the indices compared
to Theorem 2.

Corollary 16. Let n ≥ n(e, ℓ, b), b ≥ max{3t, 4e + 4} and
ℓ ≥ 2. If N ≥ N ′ =

∑
i1,i2,i3,i4

(
n−3e−3

i1

)(
e+1
i2

)(
e+1
i3

)(
e+1
i4

)
+1

for
• 0 ≤ i1 ≤ ℓ− 1,
• 0 ≤ i4 ≤ ℓ− 1− i1,
• 0 ≤ i3 ≤ ℓ− 1− i1 and
• i1 + i3 + i4 − (ℓ− 1) ≤ i2 ≤ ℓ− 1− i1 − |i4 − i3|,

then L ≤ 2 for any e-error-correcting code C. Moreover, the
value of N ′ is equal to the lower bound obtained in Theorem
2.

Proof. We first show that the formulation of the bound follows
from Theorem 12 when h = 3. This gives the minimum
number of channels N required to have L ≤ 2. In particular,
we have

N3 =V (n, ℓ− 1) +
∑
w≥ℓ

∑
(i2,i3,i4)∈Ww

(
n− 3e− 3

w − i2 − i3 − i4

)

·
(
e+ 1

i2

)(
e+ 1

i3

)(
e+ 1

i4

)
.

We have renamed the indices for convenience (the index i1 will
be saved for later use in the proof). Moreover, we have Ww =
{(i2, i3, i4) | (w+1−ℓ)/2 ≤ ij ≤ e+1, w ≥ i2+i3+i4}. Ear-
lier, we have used Ww only with the assumption that w ≥ ℓ.
However, we may allow here that w < ℓ. Hence, we may have
some binomial coefficients with ij < 0 for some j. In these
cases (and when ij > e+ 1), we use the common convention
that the binomial coefficient attains the value 0. Observe that
N3 =

∑
w≥0

∑
(i2,i3,i4)∈Ww

(
n−3e−3

w−i2−i3−i4

)(
e+1
i2

)(
e+1
i3

)(
e+1
i4

)
.

Indeed, since Ww = {(i2, i3, i4) | 0 ≤ ij ≤ e + 1, w ≥
i2 + i3 + i4} for w ≤ ℓ− 1, we have

ℓ−1∑
w=0

∑
(i2,i3,i4)∈Ww

(
n− 3e− 3

w − i2 − i3 − i4

)(
e+ 1

i2

)

·
(
e+ 1

i3

)(
e+ 1

i4

)
=

ℓ−1∑
w=0

e+1∑
i2=0

e+1∑
i3=0

e+1∑
i4=0

(
n− 3e− 3

w − i2 − i3 − i4

)(
e+ 1

i2

)
·
(
e+ 1

i3

)(
e+ 1

i4

)
=V (n, ℓ− 1)

due to binomial identity
∑s

p=0

(
m−s
k−p

)(
s
p

)
=
(
m
k

)
.

Let us denote by i1 = w − i2 − i3 − i4. We now get that
2i2 ≥ 2(w+ 1− ℓ)/2 = i1 + i2 + i3 + i4 − ℓ+ 1 and similar
inequalities for i3 and i4. Since we do not have to take into
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account the lower bound i1 ≥ 0 (the cases with i1 < 0 increase
the binomial sum by 0) or the cases with ij > e+ 1 for j ∈
{2, 3, 4}, we can consider the following system of inequalities:

i2 ≥i1 + i3 + i4 − ℓ+ 1 (9)
i3 ≥i1 + i2 + i4 − ℓ+ 1 (10)
i4 ≥i1 + i2 + i3 − ℓ+ 1. (11)

Our goal is to show that this system of inequalities is equiv-
alent to the following system of inequalities:

i4 ≤ ℓ− 1− i1, (12)
i3 ≤ ℓ− 1− i1, (13)

i1 + i3 + i4 − (ℓ− 1) ≤ i2 ≤ ℓ− 1− i1 − |i4 − i3|. (14)

Let us first show that the second system of inequalities
follows from the first one.

Inequality (12) follows from

i4 = w− i1− i2− i3 ≤ w− i1− 2(w− ℓ+1)/2 = ℓ− 1− i1.

We obtain Inequality (13) in a similar manner. Moreover, from
Inequalities (10) and (11) we obtain i2 ≤ ℓ− 1− i1 − i4 + i3
and i2 ≤ ℓ − 1 − i1 − i3 + i4, respectively. Together, these
imply

i2 ≤ ℓ− 1− i1 − |i4 − i3|.

Finally, the lower bound inequality in (14) follows directly
from (9).

Let us then show that the first system of inequalities follows
from the second one. First of all, Inequality (9) follows imme-
diately from Inequality (14). Assume first that i4 ≥ i3. Then
the upper bound of Inequality (14) is i2 ≤ ℓ−1− i1− i4+ i3.
This implies Inequality (10) and inequality (11) since

i4 ≥ i3 ≥ i1 + i2 + i4 − ℓ+ 1 ≥ i1 + i2 + i3 − ℓ+ 1.

The case with i3 ≥ i4 is similar.
Finally, we may add lower bounds ij ≥ 0 for all j ∈

{1, 2, 3, 4} due to binomial coefficient context. Similarly we
notice that if i1 ≥ ℓ, then i4 < 0. Thus, we may also add
upper bound i1 ≤ ℓ − 1. Hence, the first part of the claim
follows.

Let us then derive the bound of Theorem 2 by Yaakobi and
Bruck from this new lower bound. The case with d = 2e+ 1
is included in Appendix A and we consider here only the
case with d = 2e + 2. When we have d = 2e + 2,
Theorem 2 can be presented in the following way: If N ≥∑

h1,h2,h3,h4

(
n−3e−3

h1

)(
e+1
h2

)(
e+1
h3

)(
e+1
h4

)
+ 1 for

• 0 ≤ h1 ≤ ℓ− 1,
• h1 − (ℓ− 1) ≤ h4 ≤ ℓ− 1− h1,
• e+ 2− ℓ+ h1 ≤ h3 ≤ t− (h1 + h4) and
• max{h1−h3−h4+2e+3− ℓ, h1+h3+h4− ℓ+1} ≤
h2 ≤ ℓ− 1− (h1 + h4 − h3),

then L ≤ 2 for any e-error-correcting code C (with minimum
distance d = 2e + 2). Next, we modify the presentation we
got for N3 into the formulation above.

Let us denote by i′2 = e + 1 − i2 and by i′3 = e + 1 − i3.
Observe that

(
e+1
i′j

)
=
(
e+1
ij

)
for j ∈ {2, 3}. We can replace

the lower bound i4 ≥ 0 by i4 ≥ i1 − (ℓ − 1) since i4 ≥ 0 ≥

i1 − ℓ + 1 and
(
e+1
i4

)
= 0 when i4 < 0. Moreover, we have

0 ≤ i3 ≤ ℓ−1− i1. Hence, e+1 ≥ i′3 ≥ e+2−ℓ+ i1. Notice
that the upper bound on i′3 can be replaced by t − (i1 + i4)
since t− (i1 + i4) ≥ e+ 1 as i1 + i4 ≤ ℓ− 1 and

(
e+1
i′3

)
= 0

when i′3 > e+ 1.
For i2 we have i1+i3+i4−(ℓ−1) ≤ i2 ≤ ℓ−1−i1−|i4−i3|

and hence, ℓ−1−(i1+i4−i′3) ≥ i′2 ≥ −ℓ+e+2+i1+|i4−i3| =
e+ 2− ℓ+ i1 + |i4 + i′3 − e− 1| = max{i1 − i′3 − i4 + 2e+
3 − ℓ, i1 + i′3 + i4 − ℓ+ 1}. By comparing these inequalities
with the bounds used in Theorem 2, we notice that they are
identical. The case with d = 2e+1 is similar and is included
in Appendix A. Hence, we get the claim.

IV. NEW BOUNDS WITH THE AID OF COVERING CODES

Notice that although we have the bound L ≤ ℓ + 1 when
n is rather large (see Theorem 6), for smaller lengths of the
codes our best bound is still L ≤ 2ℓ (see Theorem 4) when the
number of channels satisfies N ≥ V (n, ℓ− 1) + 1. Although
this bound is attained in some cases (see [24]) and thus cannot
be improved in general, we can try to get a smaller list size L
when we increase the number of channels as we have seen in
Theorem 11. In this section, we utilize covering codes when
we increase the number of channels. A code C ⊆ Fn is an
R-covering code if for every word x ∈ Fn there exists a
codeword c ∈ C such that d(x, c) ≤ R. For an excellent
source on results concerning covering codes, see [25]. Let us
denote by k[n,R] the smallest possible dimension of a linear
R-covering code of length n.

Let us next present the well-known Sauer-Shelah lemma
(see [26], [27]). Let F be a family of subsets of [1, n] (that
is, F is a subset of the power set 2[1,n]), where n is a fixed
positive integer. We say that a subset S of [1, n] is shattered
by F if for any subset E ⊆ S there exists a set F ∈ F
such that F ∩ S = E. The Sauer-Shelah lemma states that if
|F| >

∑k−1
i=0

(
n
i

)
, then F shatters a subset of size (at least)

k. Since the subsets of [1, n] can naturally be interpreted as
words of Fn, the Sauer-Shelah lemma can be reformulated as
follows. Notice that

∑k−1
i=0

(
n
i

)
= V (n, k − 1).

Theorem 17 ([26], [27]). If Y ⊆ Fn is a set containing at
least V (n, k − 1) + 1 words, then there exists a set S of k
coordinates such that for any word w ∈ Fn with supp(w) ⊆ S
there exists a word s ∈ Y satisfying supp(w) = supp(s) ∩ S.
Here we say that the set S of coordinates is shattered by Y .

Observe that if C is an e-error-correcting code then each
Hamming ball of radius e contains at most one codeword of
C. Thus, if the intersection of the balls of radius t centered at
the output words of Y can be covered by k balls of radius e,
then we have |T (Y )| ≤ k. This approach is formulated in the
following lemma.

Lemma 18 ([24]). Let C ⊆ Fn be an e-error-correcting code
and N the number of channels. If for any set of output words
Y = {y1, . . . ,yN} we have

T (Y ) ⊆
k⋃

i=1

Be(βi)

for some words βi ∈ Fn (i = 1, . . . , k), then L ≤ k.
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The words βi can (and often do) depend on the set Y of
the output words, but their number remains the same. Notice
that Lemma 18 also gives a decoding algorithm. Indeed, if the
words βi are known, then there is at most one codeword in
each Be(βi), the decoding algorithm of C can be used on βi

and the codeword can be added to the list T .

Theorem 19. Let C be an e-error-correcting code. If the
number of channels satisfies N ≥ V (n, ℓ + 2R − 1) −
2ℓ+2R−k[ℓ+2R,R] + 2, then

L ≤ 2k[ℓ+2R,R].

Proof. Let x be the input word and Y ′′ be a set of output
words such that |Y ′′| ≥ V (n, ℓ+2R−1)+1. Due to Theorem
17, we know that there is a subset Y ′ (of cardinality 2ℓ+2R)
of the words in Y ′′ such that some ℓ+ 2R coordinates of Y ′

contain all the 2ℓ+2R words of length ℓ+2R. Let us denote this
set of coordinates by S. The words of Y ′ in these coordinates
clearly correspond to the words in Fℓ+2R.

Let D be a linear R-covering code in Fℓ+2R with dim(D) =
k[ℓ + 2R,R]. Notice that any coset u + D, u ∈ Fℓ+2R,
of the linear code D is also an R-covering code, and there
are 2ℓ+2R−dim(D) distinct cosets. Consequently, if we remove
from Fℓ+2R at most 2ℓ+2R−dim(D) − 1 words, then at least
one of the cosets remains intact.

Therefore, if the set of output words Y satisfies |Y | ≥
V (n, ℓ + 2R − 1) + 1 − (2ℓ+2R−k[ℓ+2R,R] − 1), then we
can find among the set of output words a subset Y1 =
{y1, . . . ,y2k[ℓ+2R,R]} ⊆ Y such that the words corresponding
to the coordinates of the set S form an R-covering code.

Now let s ∈ Fn be a word such that supp(s) = S. Denote
βi = s + yi for i = 1, . . . , 2k[ℓ+2R,R]. Since the words in
set Y1 form, among the coordinates corresponding to S, an
R-covering code of length ℓ+ 2R, we know that there exists
yj , j ∈ {1, . . . , 2k[ℓ+2R,R]}, such that the words yj and x+ s
differ in at most R places among the coordinates of the set S.
Consequently, as d(x,yj) ≤ t, the words x and βj = yj + s
have distance at most t− (ℓ+R) +R = e from one another.
Indeed, notice that yj has, among the coordinates of S, at
most R bits that are same as in x and at least ℓ+R different
bits than in x and in the word yj + s these bits are changed.
Therefore, by Lemma 18, we get that L ≤ 2k[ℓ+2R,R].

Note that if ℓ = 5 and N ≥ V (n, 4)+1, then, by Theorem 4,
we have L ≤ 25 = 32. If we have N ≥ V (n, 6) − 6, then
(using as the linear 1-covering code D the Hamming code of
length 7), we obtain by the previous result, that L ≤ 16.

Notice that we can use in the proof of the previous theorem
also the smallest (with respect to the cardinality) known linear
R-covering code instead of an optimal code D achieving the
exact value of dim(D) = k[ℓ+ 2R,R].

V. LIST SIZE WITH FEWER CHANNELS

By the following theorem (of [24]), it is clear that if we
have fewer than V (n, ℓ − 1) + 1 channels, then the list size
cannot in general be constant for e-error-correcting codes of
length n.

Theorem 20. [24] Let V (n, ℓ−p−1)+1 ≤ N ≤ V (n, ℓ−p)
where 0 ≤ p ≤ ℓ − 1. Moreover, let C ⊆ Fn be such an
e-error-correcting code that L is maximal. Then we have

L = Θ(np).

Due to this result, in order to have a smaller list size, let
us concentrate on e-error-correcting codes with at most M
codewords within any ball of radius e + a, for some a > 0.
An excellent source for these codes is, for example, [28].

Theorem 21. Let N ≥ V (n, ℓ−a−1)+1 where 0 ≤ a ≤ ℓ−1.
Let C be an e-error-correcting code such that |Be+a(u)∩C| ≤
M for every u ∈ Fn. Consequently,

L ≤ 2ℓ−aM.

Proof. Assume that we received the set Y of output words
from the channels where |Y | ≥ V (n, ℓ − a − 1) + 1. Due to
Theorem 17, we know that there exists a subset Y ′ ⊆ Y of
size |Y ′| = 2ℓ−a such that these words have in some ℓ − a
coordinates all possible words of length ℓ−a. Denote this set
of coordinates by S. Suppose x is the input word and denote
Y ′ = {y1, . . . ,y2ℓ−a}. Let βi = yi+s, i = 1, . . . , 2ℓ−a where
supp(s) = S. It is easy to check that x has distance at most
e+ a from one of the βi’s. Since there are at most 2ℓ−a βi’s
and there are at most M codewords within distance e+a from
each of them, we obtain the bound L ≤ 2ℓ−aM.

The previous result is useful when our e-error-correcting
code is a code for traditional list-decoding, see [28]. Here we
allow e and ℓ to depend on n. For the number of channels
being smaller than V (n, ℓ − 1) + 1, it also gives, for every
e-error-correcting code with suitable a, a small exponent for
n compared to Theorem 20 (see Corollary 23(ii) below), or
even constant bounds (see Corollary 23(i)) on L.

Let us denote

r(n, e,M) =
n

2

(
1−

√
1− M − 1

M

2(2e+ 1)

n

)
and

r(n, e) =
n

2

(
1−

√
1− 2(2e+ 1)

n

)
.

Notice that 1/2 ≤ r(n, e) − e ≤ e + 1. In the following
theorem, we reformulate the result of [28, Theorem 3.2] using
our notations.

Theorem 22. ( [28, Theorem 3.2]) Let n, M and e be positive
integers where 2e + 1 ≤ n/2. Moreover, let C be an e-
error-correcting code and r be an integer with r ≥ 1. If
r ≤ r(n, e,M), then |Br(x) ∩ C| ≤ M for every x ∈ Fn.
If r < r(n, e), then |Br(x) ∩ C| ≤ n for every x ∈ Fn.

Corollary 23. Let C be an e-error-correcting code, t = e+ℓ,
an integer M ≥ 1 and 2e+ 1 < n/2 (n ≥ 8). We have

(i) Let N ≥ V (n, ℓ − r(n, e,M) + e − 1) + 1 where 0 ≤
r(n, e,M)−e ≤ ℓ−1 and r(n, e,M) ≥ 1. Consequently,

L ≤ 2t−r(n,e,M)M.
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(ii) Let N ≥ V (n, ℓ−r(n, e)+e)+1 where 1 ≤ r(n, e)−e ≤
ℓ and e > 1. Consequently,

L ≤ 2t−r(n,e)+1n.

Proof. The claim follows straightforwardly from applying the
results in Theorem 22 to Theorem 21. Indeed, in Theorem 21
for the case (i) choose a = r(n, e,M) − e (0 ≤ a ≤ ℓ − 1)
and for the case (ii) a = r(n, e) − e − 1. Notice also in (ii)
that the condition r(n, e) ≥ 2 follows from e > 1.

We remark that the result L ≤ 2ℓ in Theorem 4 requires at
least V (n, ℓ− 1) + 1 channels. In what follows, we continue
our study of the list size for codes with |Be+a(u) ∩ C| ≤ M
for every u ∈ Fn. Here we consider e and ℓ to be again
constants with respect to n. First, we introduce two technical
lemmas. Lemma 24 can be seen as an easy extension of [24,
Lemma 13] for smaller number of channels and Lemma 25 as
an extension of Lemma 9.

Lemma 24. Let N ≥ V (n, ℓ− a− 1)+ 1, ℓ− 1 ≥ a ≥ 1 and
n ≥ (ℓ−a−1)22b+ℓ−a−2. Then for any codeword c ∈ T (Y )
and any set D ⊆ [1, n] with cardinality |D| = b there exists
an output word y ∈ Y such that |supp(y+c)\D| ≥ ℓ−a−1.

Proof. Let us assume without loss of generality that c = 0.
Thus, w(y) ≤ t for each y ∈ Y . Let us count the number of
binary words of weight at most t which have |supp(y)\D| <
ℓ− a− 1. There are at most

ℓ−a−2∑
j=0

min{b,t−j}∑
i=0

(
b

i

)(
n− b

j

)
≤(ℓ− a− 1)2b

(
n

ℓ− a− 2

)
=(ℓ− a− 1)2b

ℓ− a− 1

n− ℓ+ a+ 2

(
n

ℓ− a− 1

)
≤
(

n

ℓ− a− 1

)
such words, which is strictly less than N and hence, the claim
holds.

Lemma 25. Let N ≥ V (n, ℓ − a − 1) + 1, ℓ − 1 ≥ a ≥ 1,
b = 2t, n ≥ (ℓ− a− 1)22b + ℓ− a− 2 and L ≥ 2. Then for
any two codewords c1 and c2 in T (Y ) it holds that

2e+ 1 ≤ d(c1, c2) ≤ 2e+ 2a+ 2.

Proof. Let us assume without loss of generality that c1 =
0. Notice that w(c2) ≤ 2t. Choose D = supp(c2). Now,
by Lemma 24, there exists an output word y ∈ Y such that
|supp(y) \D| ≥ ℓ− a− 1. Since d(c2,y) ≤ t and w(y) ≤ t,
we have t ≥ ℓ − a − 1 + (w(c2) − (t − (ℓ − a − 1))) =
ℓ − 2a − 2 − e + w(c2) and hence, w(c2) ≤ 2e + 2a + 2.
Therefore, d(c1, c2) ≤ 2e + 2a + 2. Since we consider an
e-error-correcting code, the lower bound follows.

Together with the two previous lemmas, we can now prove
an upper bound for L, depending on the maximum number M
of codewords in an (e + a)-radius ball. The result requires a
large n and it would be interesting to know whether a similar

result holds for smaller values of n as well. Recall that ε
denotes the Napier’s constant.

Theorem 26. Let N ≥ V (n, ℓ − a − 1) + 1, ℓ − 1 ≥ a ≥ 1,
b =

⌈
(2e+ 2a+ 2)ε·(e+a+1)!

⌉
, n ≥ (ℓ−a−1)22b+ℓ−a−2.

Moreover, let C be such an e-error-correcting code that there
are at most M codewords in any (e+ a)-radius ball. Then

L ≤ max{(t+ 1)M, b/(2e+ 2a+ 2)}.

Proof. Let us denote T (Y ) = {c1, c2, . . . , cL}. If L ≤
b/(2e + 2a + 2), then the claim follows. Assume now that
L > b/(2e+2a+2). Assume then, without loss of generality,
that c1 = 0. By Lemma 25, we have w(ci) ≤ 2e+2a+2 for
each i ∈ [1,L].

Let Z be a subset of Fn. We say that w ∈ Fn is a central
word with respect to Z if d(w, z) ≤ e + a + 1 for all z ∈
Z. Moreover, the set of all central words with respect to Z
is denoted by WZ . In what follows, we first show a useful
observation stating that if a subset CS ⊆ T (Y ) is such that
0 ∈ CS and |CS | ≤ b/(2e+2a+2), then there exists a word
w ∈ Fn such that w(w) ≤ e+ a+1 and d(w, c) ≤ e+ a+1
for any c ∈ CS , i.e., w ∈ WCS

̸= ∅. Since w(c) ≤ 2e+2a+2
for any c ∈ CS , we have∣∣∣∣∣ ⋃

c∈CS

supp(c)

∣∣∣∣∣ ≤ (2e+ 2a+ 2) · b

2e+ 2a+ 2
= b.

Therefore, by Lemma 24, there exists an output word y ∈ Y
such that

|supp(y) \
⋃

c∈CS

supp(c)| ≥ ℓ− 1− a.

Let then w ∈ Fn be such that

supp(w) = supp(y) ∩
⋃

c∈CS

supp(c).

Now, as d(y, c) ≤ t = e + ℓ for any c ∈ CS , we have
d(w, c) ≤ e + a + 1. Moreover, w(w) ≤ e + a + 1 since
0 ∈ CS .

In what follows, we show using an iterative approach that
there exists a central word w ∈ Fn with respect to T (Y ).
We begin the iterative process by considering a subset C0 =
{c1, c2} ⊆ T (Y ) such that c1 = 0 and w(c2) = e+a+1+p1
with 1 ≤ p1 ≤ e+ a+1. Indeed, we may assume that such a
codeword c2 exists since otherwise we are immediately done
due to w = 0 being the searched central word. Observe that
the weight of a central word w ∈ WC0 satisfies p1 ≤ w(w) ≤
e+ a+ 1. In particular, there are exactly

(
e+a+1+p1

p1

)
central

words w ∈ WC0
of weight p1. For each such central word

w, we may assume that there exists a codeword c ∈ T (Y )
such that d(w, c) > e + a + 1 as otherwise w ∈ WT (Y ) and
we are done. Now we form a new code C1 by adding such a
codeword c for each w ∈ WC0 with w(w) = p1. The number
of added codewords is at most(

e+ a+ 1 + p1
p1

)
≤ (2e+ 2a+ 2)p1 − 1.

Therefore, we have |C1| ≤ (2e + 2a + 2)p1 + 1. Notice that
there are no central words in WC1

of weight at most p1.
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Furthermore, by the previous observation for WCS
, WC1

is
nonempty as |C1| ≤ (2e+ 2a+ 2)p1 + 1 ≤ b/(2e+ 2a+ 2).

Assume that p2 > p1 is now the smallest weight of a central
word in WC1

. Let w be a central word with respect to C1 of
weight p2. The support of w is a subset of

⋃
c∈C1

supp(c)
since otherwise there exists a central word w′ ∈ WC1 with
w(w′) < w(w) (a contradiction). Therefore, as (c1 = 0 ∈ C1

implies)
∣∣⋃

c∈C1
supp(c)

∣∣ ≤ (2e+2a+2)(2e+2a+2)p1 , the
number of central words of weight p2 in WC1

is at most(
(2e+ 2a+ 2)(2e+ 2a+ 2)p1

p2

)
=

(
(2e+ 2a+ 2)p1+1

p2

)
≤ (2e+ 2a+ 2)p1p2+p2

2
.

Again, for each central word w ∈ WC1
of weight p2, there

exists a codeword c ∈ T (Y ) such that d(w, c) > e + a + 1.
Now we form a new code C2 by adding such a codeword c
for each w ∈ WC1

with w(w) = p2. Thus, we have |C2| ≤
(2e+ 2a+ 2)p1 + 1 + (2e+ 2a+ 2)p1p2+p2/2 ≤ (2e+ 2a+
2)p1p2+p2/2+(2e+2a+2)p1p2+p2/2 = (2e+2a+2)p1p2+p2 .

The process can be iteratively continued by forming a new
code Ci based on the previous code Ci−1, until we have
reached pi = e+a+1 or we have already found a central word
with respect to T (Y ). In what follows, the iterative process is
explained in more detail:

• Assume that pi > pi−1 is the smallest weight of a central
word in WCi−1

.
• Assume that |Ci−1| ≤ (2e+2a+2)

∑i−1
h=1

∏i−1
k=h pk . By the

observation above for WCS
, this implies that WCi−1

is
nonempty as |Ci−1| ≤ b/(2e + 2a + 2) (see also Equa-
tion (16)). Furthermore, we have |

⋃
c∈Ci−1

supp(c)| ≤
(2e+ 2a+ 2)|Ci−1| = (2e+ 2a+ 2)(

∑i−1
h=1

∏i−1
k=h pk)+1.

• Let w ∈ WCi−1
be of weight pi. As previously, the

support of w is a subset of
⋃

c∈Ci−1
supp(c) since

otherwise there exists a central word w′ ∈ WCi−1

with w(w′) < w(w) (a contradiction). Therefore,
as |

⋃
c∈Ci−1

supp(c)| ≤ (2e + 2a + 2)|Ci−1| =

(2e + 2a + 2)(
∑i−1

h=1

∏i−1
k=h pk)+1, the number of cen-

tral words in WCi−1
of weight pi is at most(

(2e+2a+2)(
∑i−1

h=1

∏i−1
k=h

pk)+1

pi

)
.

• Again, for each central word w ∈ WCi−1
of weight pi,

there exists a codeword c ∈ T (Y ) such that d(w, c) >
e+a+1. Now we form a new code Ci by adding such a
codeword c for each w ∈ WCi−1 with w(w) = pi. Thus,
we have

|Ci| ≤(2e+ 2a+ 2)
∑i−1

h=1

∏i−1
k=h pk

+

(
(2e+ 2a+ 2)1+(

∑i−1
h=1

∏i−1
k=h pk)

pi

)
≤(2e+ 2a+ 2)

∑i
h=1

∏i
k=h pk/2

+ (2e+ 2a+ 2)
∑i

h=1

∏i
k=h pk/2 (15)

=(2e+ 2a+ 2)
∑i

h=1

∏i
k=h pk .

Notice that since 1 ≤ p1 < p2 < · · · < pi ≤ e + a + 1,
we reach pj = e + a + 1 at some point (or the central word
w with respect to T (Y ) has already been found in an earlier
step). By (15), we have

|Cj | ≤ (2e+ 2a+ 2)
∑j

h=1

∏j
k=h pk

≤ (2e+ 2a+ 2)
∑e+a+1

h=1

∏e+a+1
k=h k

= (2e+ 2a+ 2)
∑e+a

h=0(e+a+1)!/h!

≤ (2e+ 2a+ 2)ε·(e+a+1)!−1

≤ b

2e+ 2a+ 2

(16)

since
∑e+a+1

h=0 1/h! <
∑∞

h=0 1/h! = ε. Therefore, by the
previous observation, WCj is nonempty. Thus, in conclusion,
there exists a central word w ∈ Fn with respect to T (Y ).

Let us now translate the Hamming space so that w = 0 and
thus, T (Y ) ⊆ Be+a+1(0). In other words, we have w(ci) ≤
e+a+1 for each i. Recall that we have N ≥ V (n, ℓ−a−1)+1.
Thus, there exists a word y ∈ Y such that w(y) ≥ ℓ − a.
Moreover, since d(ci,y) ≤ t for each i, we have w(y) ≤
t+ e+ a+ 1. The proof now divides into the following three
cases depending on the weight of w(y).

(i) Assume first that ℓ− a ≤ w(y) ≤ t. Now the support of
each ci ∈ T (Y ) of weight e + a + 1 intersects with supp(y)
since otherwise d(y, ci) ≥ (e + a + 1) + (ℓ − a) = t + 1 (a
contradiction). Hence,

T (Y ) ⊆ Be+a(0) ∪
⋃

i∈supp(y)

Be+a(ei).

(ii) Assume then that t ≤ w(y) ≤ t + e + a. Let ys be a
word such that supp(ys) ⊆ supp(y) and w(ys) = t. Now the
support of each ci ∈ T (Y ) of weight e+a+1 intersects with
supp(ys) since otherwise d(y, ci) ≥ t + 1 (a contradiction).
Hence,

T (Y ) ⊆ Be+a(0) ∪
⋃

i∈supp(ys)

Be+a(ei).

(iii) Assume finally that w(y) = t+e+a+1. Then we have
w(ci) = e+ a+ 1 for any ci ∈ T (Y ) as d(y, ci) ≤ t. Let ys

be a word such that supp(ys) ⊆ supp(y) and w(ys) = t+ 1.
Again the support of each ci ∈ T (Y ) of weight e + a + 1
intersects with supp(ys). Observing that w(ci) = e + a + 1
for any ci ∈ T (Y ) as d(y, ci) ≤ t, we have

T (Y ) ⊆
⋃

i∈supp(ys)

Be+a(ei).

Based on the cases (i)–(iii), the set of codewords T (Y ) is
always contained in a union of t + 1 balls of radius e + a.
Thus, as each ball of radius e+ a has at most M codewords,
we obtain that L ≤ (t+ 1)M .

VI. DECODING WITH MAJORITY ALGORITHM

In this section, we focus on decoding the transmitted word
x = (x1, x2, . . . , xn) ∈ C based on the set Y of the output
words using a majority algorithm. For the rest of the section,
we assume that n, t and e are constants (compared to N ) and
that each word of Bt(x) is outputted from a channel with equal
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probability. Here we actually allow — unlike elsewhere in the
paper — some of the output words yi to be equal. Probabilistic
set-up has been studied for different error types, for example,
in [22], [23]. Our approach differs from these articles in that
we have given an upper limit for the possible number of errors
in any single channel. This allows us to have a verifiability
property in Theorem 30 unlike, for example, in [22], [23]. With
the verifiability property we mean that although we cannot be
certain whether we can deduce the transmitted word correctly
before looking at the output words, we can sometimes deduce
the transmitted word with complete certainty after seeing the
output words. In other words, some output word sets have
properties which allow us to know the transmitted word with
certainty.

First we describe the (well-known) majority algorithm using
similar terminology and notation as in [15]. The coordi-
nates of the output words yj ∈ Y are denoted by yj =
(yj,1, yj,2, . . . , yj,n). Furthermore, the number of zeros and
ones in the ith coordinates of the output words are respectively
denoted by

mi,0 = |{j ∈ {1, 2, . . . , N} | yj,i = 0}|

and mi,1 = N − mi,0. Based on Y , the majority algorithm
outputs the word zY = z = (z1, z2, . . . , zn) ∈ Fn, where

zi =


0 if mi,0 > mi,1

? if mi,0 = mi,1

1 if mi,0 < mi,1.

In other words, for each coordinate of z, we choose ?, 0 or
1 based on whether the numbers of 0’s and 1’s are equal or
which one occurs more frequently. Observe that the coordinate
zi outputted by the majority algorithm is equal to xi if and
only if at most ⌈N/2⌉ − 1 errors occur in the ith coordinates
of Y . Observe that the complexity of the majority algorithm is
Θ(Nn) and since reading all the output words takes Θ(Nn)
time, majority algorithm has optimal time complexity.

In [15, Example 1], it is shown that the majority algorithm
does not always output the correct transmitted word x when
the number of channels N is equal to the value in Theorem
1 even though we take the e-error-correction capability of C
into account. In [7], a modification of the majority algorithm
is presented for decoding and it is shown that if the number
of channels satisfies the bound of Theorem 1, then there
exists among the output words of the modified algorithm one
belonging to Be(x) and this word can be uniquely decoded to
x. In what follows, we demonstrate that with high probability
the word z is within distance e from x with significantly
smaller number of channels (than in [7]). For example, the
Monte Carlo simulations for the values t = 5 and n = 28 are
illustrated in Table I.

For this purpose, we first consider a variant of the so called
multiple birthday problem; the multiple birthday problem has
been studied, for example, in [29] and [30]. Here we assume
that s, q, n and t are integers satisfying 2 ≤ s ≤ q and
0 ≤ t ≤ n. A throw consists of placing t balls randomly into
n buckets in such a way that each ball lands in a different
bucket and each subset of the buckets of size t for a throw

has an equal probability. Denote then by Ct(n, q, s) the event
that after q throws, at least one bucket contains at least s balls.
Observe that if t = 1, then we are actually considering the
multiple birthday problem; furthermore, if (t = 1 and) s = 2,
then the case is the (regular) birthday problem. Furthermore,
by Pr[Ct(n, q, s)] we denote the probability that there exist
at least s balls in a bucket. Notice that an output word of
Y with exactly t errors can be interpreted in terms of the
described variant of the multiple birthday problem as follows:
an output yi ∈ Y with exactly t errors can be considered as
a throw of t balls into n buckets. In the following theorem,
we present (based on this interpretations and the probability
Pr[Ct(n, q, s)]) a lower bound on the probability that the
output z of the majority algorithm is equal to x.

Theorem 27. Let x be the transmitted codeword of C ⊆ Fn

and N the number of channels. The probability that the output
z of the majority algorithm is equal to x is at least

1− Pr[Ct(n,N, ⌈N/2⌉)].
Proof. Let P1 denote the probability that some coordinate of
the outputs Y contains at least ⌈N/2⌉ errors when at most
t errors (chosen uniformly and randomly from Bt(0)) occur
in each channel and P2 the probability that a coordinate of
the outputs Y contains at least ⌈N/2⌉ errors when exactly t
errors (chosen uniformly and randomly from St(0)) occur in
each channel. As there occur in a channel exactly t errors
in the case of P2 and at most t errors in the case of P1, it is
immediate that P1 ≤ P2. Based on the previous interpretation,
each output word of Y with exactly t errors can be represented
as a throw of t balls into n buckets, and there are obviously
N throws in total. Therefore, P2 = Pr[Ct(n,N, ⌈N/2⌉)] and
the claim follows.

In order to obtain a lower bound on the probability
1 − Pr[Ct(n,N, ⌈N/2⌉)], we require an upper bound on
Pr[Ct(n,N, ⌈N/2⌉)]. In the following lemma, we present
such an upper bound loosely based on a recursive idea
introduced in [29] for computing the exact probability of the
multiple birthday problem.

Lemma 28. Let s, q, n and t be integers satisfying 2 ≤ s ≤ q
and 0 ≤ t ≤ n. (i) Now the probability Pr[Ct(n, q, s)] is at
most

ts

ns−1

q∑
i=s

((i− 1

s− 1

)(n− t

n

)i−s

(1− Pr[Ct−1(n− 1, i− 1, s)])

)
,

where Pr[C0(n, q, s)] = 0 and Pr[Ct(n, q, s)] = 0 if q < s.
(ii) Furthermore, we obtain that

Pr[Ct(n, q, s)] ≤
ts

ns−1

(
q

s

)
.

Proof. (i) Observe first that we clearly have Pr[C0(n, q, s)] =
0. Let then i be an integer such that s ≤ i ≤ q. Denote by
Ct(n, q, s, i) the event that the ith throw is the first throw of
t balls such that there exists at least one bucket with s balls;
notice that after the ith throw it is possible that s balls appear
in multiple buckets. Using this notation, we have

Pr[Ct(n, q, s)] =

q∑
i=s

Pr[Ct(n, q, s, i)]. (17)
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The probability Pr[Ct(n, q, s, i)] can be calculated based on
the following facts:

(i) Let B be one of the buckets that first attains s balls.
Clearly, the bucket B can be chosen in n ways.

(ii) The s−1 throws placing balls into B before the ith throw
can be chosen from the previous i − 1 throws in

(
i−1
s−1

)
ways.

(iii) As the probability that a ball of a single throw lands into
B is

(
n−1
t−1

)
/
(
n
t

)
, the probability of the event that the s

selected throws put balls into B is equal to((
n−1
t−1

)(
n
t

) )s

=

(
t

n

)s

.

(iv) As the probability that no ball of a single throw lands
into B is

(
n−1
t

)
/
(
n
t

)
, the probability of the event that no

other throw (than the s selected ones) puts a ball into B
is equal to ((

n−1
t

)(
n
t

) )i−s

=

(
n− t

n

)i−s

.

(v) Finally, let B′ denote the set of n− 1 buckets other than
B and Pi denote the probability that no bucket in B′

contains at least s balls after the first i − 1 throws with
the conditional assumption that the events of (iii) and
(iv) occur. Observe that if a ball of a throw lands into B,
then the throw puts t − 1 balls into the buckets of B′,
and otherwise t balls land into B′.

Thus, in conclusion, we have

Pr[Ct(n, q, s, i)] ≤ n ·
(
i− 1

s− 1

)
·
(
t

n

)s

·
(
n− t

n

)i−s

· Pi.

Therefore, by (17), we obtain that Pr[Ct(n, q, s)] is at most

ts

ns−1

q∑
i=s

(
Pi ·

(
i− 1

s− 1

)(
n− t

n

)i−s
)

.

Finally, notice that Pi is equal to the probability that no bucket
in B′ contains at least s balls after s − 1 throws with t − 1
balls and i−s throws with t balls have been performed in the
buckets of B′ (corresponding to the events of (iii) and (iv),
respectively). Therefore, we obtain that Pi ≤ 1−Pr[Ct−1(n−
1, i−1, s)] since at least t−1 balls are thrown i−1 times into
the n − 1 buckets of B′ (by the observation in (v)). Hence,
the claim immediately follows.

(ii) For the second upper bound, we first notice that by the
so called hockey stick identity for the binomial coefficients, we
have

q∑
i=s

(
i− 1

s− 1

)
=

(
q

s

)
.

Therefore, as (n − t)/n ≤ 1 and the probability Pi ≤ 1, the
second claim immediately follows.

In the following theorem, the upper bound (ii) of the
previous lemma is applied to estimate the probability in
Theorem 27. Observe that according to the second claim of the
theorem, the probability that the majority algorithm outputs the

TABLE I
THE LOWER BOUND OF THEOREM 27 TOGETHER WITH LEMMA 28 AND
THEOREM 29 AS WELL AS THE MONTE CARLO APPROXIMATIONS WITH
100000 SAMPLES OF THE PROBABILITY THAT z = x WHEN n = 28, t = 5

AND N = 11, 21, 31, 41, 101.

N Theorem 27 and Lemma 28 Theorem 29 Simulation
11 0.8199 0.5806 0.8615
21 0.9901 0.9419 0.9929
31 0.9994 0.9910 0.9997
41 0.9997 0.9985 1.000
101 1.000 1.000 1.000

transmitted word is as close to one as required when the rather
weak condition n > 4t is satisfied and N is large enough.

Theorem 29. Let C be an e-error-correcting code and x the
transmitted word of C. The probability that the output z of
the majority algorithm is equal to the transmitted word x is
at least

1− t⌈N/2⌉

n⌈N/2⌉−1

(
N

⌈N/2⌉

)
.

Furthermore, if n > 4t, then

lim
N→∞

(1− Pr[Ct(n,N, ⌈N/2⌉)]) = 1.

Proof. The first claim follows immediately by applying The-
orem 27 and Lemma 28(ii). Since

(
N

⌈N/2⌉
)
< 2N , we obtain

that

Pr[Ct(n,N, ⌈N/2⌉)] ≤ t⌈N/2⌉

n⌈N/2⌉−1

(
N

⌈N/2⌉

)
<

t⌈N/2⌉

n⌈N/2⌉−1
· 2N

≤ 4t

(
4t

n

)⌈N/2⌉−1

→ 0

as N → ∞ since n > 4t. Thus, the second claim follows.

In Table I, we illustrate the various approaches to approxi-
mate the probability that the output z of the majority algorithm
is equal to the transmitted word x when t = 5 and n = 28
(satisfying the condition of Theorem 29): the lower bound
on the probabilities of Theorem 27 together with the recursive
formula of Lemma 28(i) and Theorem 29 as well as the Monte
Carlo simulations with 100000 samples. For the simulations,
notice that the probabilities do not depend on the choice of
x due to the fact that any word of Bt(x) is outputted from
a channel with equal probability. Hence, for simplicity, the
simulations are performed using the word x = 0. By Table I,
we may observe that the majority algorithm outputs z = x
with high probability for significantly smaller number N of
channels compared to Theorem 1, for which the required
number of channels is 41709 when e = 0, t = 5 and n = 28.
For explaining the choice of e = 0, recall that in Theorem 1
if a certain number of channels is given, then based on them a
unique word in Be(x) can be determined and the transmitted
word x can be obtained due to the e-error-correction capability
of the underlying code C. Hence, we chose e = 0 in applying
the theorem in order to ensure that x (= z) is outputted from
the algorithm (rather than just a word of Be(x)).
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Above, we saw that it is highly probable that the majority
algorithm works correctly with significantly smaller number of
channels compared to the one given in Theorem 1, which was
required in the algorithm presented in [7]. In what follows, we
take another approach on the majority algorithm and show that
if a certain criteria (see Theorem 30) is met for the outputs Y ,
then we can verify that the output z of the majority algorithm
belongs to Be(x). For this purpose, notice first that the total
number of errors occurring in the ith coordinates of the outputs
Y is at least mi = min{mi,0,mi,1}. On the other hand, there
happens at most t errors in each channel and, hence, the total
number of errors in the channels is at most tN . Thus, we
obtain that

n∑
i=1

mi ≤ tN . (18)

Furthermore, if x = z, then the number of errors is exactly∑n
i=1 mi. In addition, if x ̸= z, then for each coordinate i

in which the words differ, max{mi,0,mi,1} = N − mi is
contributed to the sum of errors (instead of mi). The following
theorem is based on the idea that even the modified sum (in
the left hand side of (19)) has to satisfy Inequality (18).

Theorem 30. Let x be the transmitted word, m′
i be the

integers mi ordered in such a way that m′
1 ≥ m′

2 ≥ · · · ≥ m′
n

and z be the output word of the majority algorithm. We have
d(x, z) ≤ k if k is a nonnegative integer such that

k+1∑
i=1

(N −m′
i) +

n∑
i=k+2

m′
i > tN . (19)

Proof. Let k be a positive integer satisfying (19). Suppose to
the contrary that d(x, z) ≥ k+1. This implies that for at least
k+1 coordinates i, the number of errors is max{mi,0,mi,1} =
N−mi. Therefore, by the ordering of m′

i, the number of errors
is at least

k+1∑
i=1

(N −m′
i) +

n∑
i=k+2

m′
i (> tN).

Thus, due to (19), we have a contradiction with the maximum
number of errors being tN and the claim follows.

Observe that (19) allows us to estimate the accuracy of z.
In particular, if there exists a nonnegative integer k (for given
x and z) such that k ≤ e, then d(x, z) ≤ k ≤ e and the word
z can be decoded to x as C is an e-error-correcting code.
Furthermore, if k > e, then x ∈ C ∩Bk(z) and the decoding
algorithm outputs a list of words containing x. Moreover, the
size of the list is at most maxu∈Fn |C ∩ Bk(u)|, which is
closely related to the traditional list decoding (see [28]). In
conclusion, the theorem gives us a condition guaranteeing that
the transmitted word can be decoded uniquely or with certain
accuracy. Moreover, it should be noted that the theorem is
rather efficient to use. Indeed, we only need to order the inte-
gers mi, to perform approximately n+k additions/subtractions
and decode z to the closest codeword (or to a list of codewords
if k > e).

The probability that a given k satisfies the property (19)
of Theorem 30 can be analysed analytically as shown below,

TABLE II
THE MONTE CARLO APPROXIMATIONS WITH 100000 SAMPLES OF THE

PROBABILITY FOR e SATISFYING THE CONDITION OF THEOREM 30 WHEN
n = 24, t = 7, e = 2, 3, 4 AND N = 11, 21, 31, 41.

N\e 2 3 4
11 0.068 0.260 0.587
21 0.369 0.790 0.972
31 0.701 0.971 0.999
41 0.887 0.997 0.999

but first we approximate it using Monte Carlo simulations. In
Table II, the probability is approximated using 100000 samples
for n = 24, t = 7, e = 2, 3, 4 and varying numbers of
channels N ; here we choose k = e and we strive for the
exact transmitted word x. From the table, we can notice that
as the number of channels increases it becomes very likely
that Inequality (19) is satisfied and that the majority algorithm
together with the e-error-correction capability of C verifiably
outputs the transmitted word x.

In what follows, we further study analytically the probability
that for a given integer k there exists a set Y of output words
satisfying the conditions of Theorem 30. For this purpose, let
C ′

t(n, q, s) denote the event that after q random throws of t
balls, each of the n buckets contains at most s balls. Observe
that C ′

t(n, q, s) is the complement of the event Ct(n, q, s+1),
and hence, for the probabilities, we have Pr[C ′

t(n, q, s)] =
1−Pr[Ct(n, q, s+1)]. Furthermore, regarding the number of
errors occurring in the channels (in total), let Ert(r, q) denote
the event that in total at least r balls are placed into buckets
after q throws when each throw consists of at most t balls.
Moreover, let p(N) denote the parity of N , i.e., p(N) = 1
if N is odd, and otherwise p(N) = 0. Now we are ready to
formulate the following theorem.

Theorem 31. Let α be a positive integer smaller than ⌈N/2⌉.
The probability that a positive integer k satisfies (19) is at
least

Pr[C ′
t(n,N, ⌈N/2⌉ − α)

∩Ert(tN − (k + 1)(2α− p(N)) + 1, N)].

Proof. Assume that (i) at most ⌈N/2⌉ − α balls are placed
into each of the n buckets and that (ii) in total at least tN −
(k+1)(2α− p(N)) + 1 balls are placed into buckets after N
throws (when each throw consists of at most t balls). By the
interpretation stated above Theorem 27, the assumptions (i)
and (ii) can be reformulated as follows: (i) at most ⌈N/2⌉−α
errors occur in each coordinate of the outputs Y and (ii) in
total at least tN − (k + 1)(2α − p(N)) + 1 errors occur in
channels (when at most t errors occur in each channel). Now
the difference (N −mi)−mi = N − 2mi gives the number
of additional errors occurring in a coordinate in the case that
max{mi,0,mi,1} = N − mi errors happen instead of mi =
min{mi,0,mi,1} errors. The difference (N − mi) − mi can
be estimated based on the parity of N as follows:

• If N is even, then N − 2mi ≥ N − 2(⌈N/2⌉ − α) =
2α = 2α− p(N).

• If N is odd, then N − 2mi ≥ N − 2(⌈N/2⌉ − α) =
2α− 1 = 2α− p(N).
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In conclusion, we have N − 2mi ≥ 2α − p(N). Therefore,
using the notation of Theorem 30, we have

k+1∑
i=1

(N −m′
i) +

n∑
i=k+2

m′
i

≥
n∑

i=1

m′
i + (k + 1)(2α− p(N)) > tN

since
∑n

i=1 m
′
i ≥ tN − (k + 1)(2α − 2p(N)) + 1 by the

assumption (ii). Thus, the integer k meets the condition of
Theorem 30 when the assumptions (i) and (ii) are satisfied.

In order to estimate the probability of the events of the
assumptions (i) and (ii) occurring simultaneously, we denote
by A the event that at most ⌈N/2⌉ − α errors occur in each
coordinate of the outputs Y when at most t errors happen
in each channel. Clearly, since the event C ′

t(n,N, ⌈N/2⌉ −
α) can be interpreted as the outputs Y of the channels as
explained earlier, we have C ′

t(n,N, ⌈N/2⌉ − α) ⊆ A. Hence,
the probability of the events of the assumptions (i) and (ii)
occurring simultaneously is at least Pr[A ∩ Ert(tN − (k +
1)(2α−p(N))+1, N)] ≥ Pr[C ′

t(n,N, ⌈N/2⌉−α)∩Ert(tN−
(k + 1)(2α− p(N)) + 1, N)] and the claim follows.

Observe that if A and B are events (independent or depen-
dent), then the probability of the event A∩B can be estimated
as follows by the inclusion-exclusion principle:

Pr[A∩B] = Pr[A]+Pr[B]−Pr[A∪B] ≥ Pr[A]+Pr[B]−1.

By applying this lower bound to Theorem 31, the following
corollary is immediately obtained.

Corollary 32. Let α be a positive integer. The proba-
bility that a positive integer k satisfies (19) is at least
Pr[C ′

t(n,N, ⌈N/2⌉−α)]+Pr[Ert(tN−(k+1)(2α−p(N))+
1, N)]− 1.

In the following, we discuss how to choose α in the
corollary so that the lower bound is as close to 1 as desired.
Consider first the estimation of the probability Pr[Ert(tN −
(k + 1)(2α − p(N)) + 1, N)]. Let X be a random variable
representing the number of errors occurring in a channel.
Hence, for r = 0, 1, . . . , t, the probability

Pr[X = r] = pr =

(
n
r

)∑t
i=0

(
n
i

) .

The expected value of the distribution corresponding to X is

µ = E(X) =

t∑
r=0

rpr

and the variance is

σ2 = V ar(X) = E(X2)− µ2 =

t∑
r=0

r2pr − µ2.

Let
SN = X1 +X2 + · · ·+XN

be the sum of independent random variables Xi each equally
distributed to X . Clearly, we have Pr[Ert(tN− (k+1)(2α−

p(N)) + 1, N)] = Pr[SN ≥ tN − (k + 1)(2α − p(N)) + 1].
The expected value and the standard deviation of SN are
respectively equal to µN and σ

√
N . A usual approach to

estimate distributions such as SN is to use the concept of
confidence intervals. There are numerous results designed
to estimate the probabilities using confidence intervals. One
of the most fundamental of such results is the well-known
Chebyshev’s inequality, according to which Pr[|SN −µN | ≥
h · σ

√
N ] ≤ 1/h2. Therefore, we have

Pr[µN − h · σ
√
N ≤ SN ≤ µN + h · σ

√
N ]

=1− Pr[|SN − µN | ≥ h · σ
√
N ]

≥1− 1

h2
.

Thus, the lower bound approaches 1 as h increases (as well as
the probability on the left hand side); for example, the lower
bound is equal to 0.9975 when h = 20. By straightforward
calculations, we obtain that tN − (k + 1)(2α− p(N)) + 1 ≤
µN − h · σ

√
N if and only if

α ≥ (t− µ)N + h · σ
√
N + 1 + p(N)(k + 1)

2(k + 1)
(> 0).

For any α satisfying the lower bound, we have Pr[SN ≥
tN − (k+1)(2α− p(N))+ 1] ≥ Pr[µN −h ·σ

√
N ≤ SN ≤

µN + h · σ
√
N ] ≥ 1− 1/h2. The final lower bound 1− 1/h2

based on Chebyshev’s inequality is rather rough but enough
for our purposes. Instead of the previous lower bound, a rather
good approximation could be obtained using the Central Limit
Theorem (for example, see [31, Section 5.4]), by which the
sum SN could be approximated by the normal distribution
N (µN, σ

√
N) (for large enough values of N ). Denoting by Z

the random variable distributed according to N (µN, σ
√
N),

we have Pr[µN − h · σ
√
N ≤ SN ≤ µN + h · σ

√
N ] ≈

Pr[µN − h · σ
√
N ≤ Z ≤ µN + h · σ

√
N ] = 0.9999376 . . .

by the properties of the normal distribution when h = 4.
For h = 4, compare the approximation 0.9999376 . . . to
the corresponding lower bound 0.9375 based on Chebyshev’s
inequality.

In order to estimate the lower bound of Corollary 32 for
some fixed n, e and t, we first choose a suitable positive integer
h such that the previous lower bound of Pr[SN ≥ tN − (k+
1)(2α−p(N))+1] is as large as desired. Then, according to the
following lemma, we have a lower bound on the probability
Pr[C ′

t(n, tN, ⌈N/2⌉−α)], which approaches 1 as the number
N of channels tends to infinity (assuming a minor restriction
on n). Hence, for carefully chosen h, α and N , the probability
discussed in Corollary 32 gets as close to 1 as desired.

Lemma 33. Let h and k be (fixed) positive integers and α =
⌈((t − µ)N + h · σ

√
N + 1 + p(N)(k + 1))/(2(k + 1))⌉,

where µ and σ are respectively the expected value and the
standard deviation of the random variable X . Assume further
that n ≥ 2t2 + t− 1 and N ≥ max{(k+2)2, (h · σ+1)2, 8}.
Then we have the following results:

(i) Now the expected value µ > t−1/2. This further implies
that α ≤ ⌈N/2⌉.
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(ii) The probability Pr[C ′
t(n,N, ⌈N/2⌉ − α)] is at least

1− t⌈N/2⌉−α+1

n⌈N/2⌉−α

(
N

⌈N/2⌉ − α+ 1

)
.

(iii) Finally, if n > 8t · ε, then

lim
N→∞

Pr[C ′
t(n,N, ⌈N/2⌉ − α)] = 1.

Proof. (i) For the lower bound on the expected value µ, we
first observe that for any a ∈ [1, t] we have(

n

t− a

)
≤ ta∏a

i=1 n− t+ i

(
n

t

)
≤ ta

(n− t+ 1)a

(
n

t

)
.

Thus, we obtain

µ =

t∑
r=0

(
r ·

(
n
r

)∑t
i=0

(
n
i

))

>
t
(
n
t

)∑t
i=0

(
n
i

)
≥ t∑t

i=0
ti

(n−t+1)i

≥ t∑t
i=0

1
(2t)i

>
t∑∞

i=0
1

(2t)i

= t− 1

2
,

where the assumption n ≥ 2t2 + t − 1 is used in the third
inequality. In order to provide an upper bound on α, we first
notice that due to the assumption N ≥ max{(k+2)2, (h ·σ+
1)2, 8} and the previous lower bound on µ we have

(t− µ)N + h · σ
√
N + 1 + p(N)(k + 1)

<
1

2
N + h · σ

√
N +

√
N

=
1

2
N + (h · σ + 1)

√
N

≤3

2
N .

Therefore, by straightforward calculations, we obtain

α ≤ 3N/2

2(k + 1)
+ 1 ≤ 3N/8 + 1 ≤ N

2
≤ ⌈N/2⌉, (20)

where the third inequality follows from the fact that N ≥ 8.
(ii) The lower bound on Pr[C ′

t(n,N, ⌈N/2⌉ − α)] =
1 − Pr[Ct(n,N, ⌈N/2⌉ − α + 1)] immediately follows by
Lemma 28(ii) and hence, the second claim follows.

(iii) First assume that n > 8t · ε. As α ≤ 3N/8 + 1 by
Inequality (20), we obtain

1− 2(α− 1)

N
≥ 1− 2((3N/8 + 1)− 1)

N
= 1− 3

4
=

1

4
.

In order to estimate the binomial coefficient appearing in the
lower bound (ii), we recall the following well-known upper
bound on the binomial coefficient: if m and r are integers
such that 1 ≤ r ≤ m, then(

m

r

)
<
(m · ε

r

)r
.

These two inequalities together imply that

Pr[C ′
t(n,N, ⌈N/2⌉ − α)]

> 1− t⌈N/2⌉−α+1

n⌈N/2⌉−α

(
N · ε

N/2− α+ 1

)⌈N/2⌉−α+1

= 1− 2tε

(
2tε

n

)⌈N/2⌉−α
(

1

1− 2(α−1)
N

)⌈N/2⌉−α+1

≥ 1− 2tε

(
2tε

n

)⌈N/2⌉−α

4⌈N/2⌉−α+1

= 1− 8tε

(
8tε

n

)⌈N/2⌉−α

.

By Inequality (20), the probability

Pr[C ′
t(n,N, ⌈N/2⌉ − α)]

>1− 8tε

(
8tε

n

)⌈N/2⌉−α

>1− 8tε

(
8tε

n

)N/2−(3N/8+1)

>1− 8tε

(
8tε

n

)N/8−1

and the lower bound approaches one as N tends to infinity
since n > 8t · ε and N/8 − 1 → ∞. Thus, the third claim
follows.

Observe that Lemma 33 is usually applied for k = e as
then the output z of the majority algorithm can be uniquely
decoded to the transmitted word x according to Theorem 30.
Notice also that the conditions n ≥ 2t2 + t − 1 and N ≥
max{(k + 2)2, (h · σ + 1)2, 8} of the previous lemma are
rather undemanding. In addition, the estimations of the proof
are quite crude and smaller choices for n and N would be
possible; in particular, this is true for n concerning the limit
of the case (iii).

As explained before the previous lemma, we can get the
lower bound of Corollary 32 as close to 1 as desired for
carefully chosen h, α and N by combining Lemma 33 with
the discussions on the probability Pr[Ert(tN − (k+1)(2α−
p(N))+1, N)] = Pr[SN ≥ tN−(k+1)(2α−p(N))+1]. For
example, if n = 153, t = 7, k = e = 2, h = 20 and N = 31,
then we have µ ≈ 6.951, σ ≈ 0.226 and α = 6 implying the
conditions of Lemma 33 are satisfied. By Lemma 33(ii), we
obtain the lower bound Pr[C ′

t(n,N, ⌈N/2⌉ − α)] ≥ 0.99997.
Furthermore, by the lower bound based on Chebyshev’s in-
equality, we have Pr[Ert(tN−(k+1)(2α−p(N))+1, N)] ≥
1 − 1/202 = 0.9975. Combining these two lower bounds
and Corollary 32, the probability for k = 2 satisfying (19)
can be bounded from below by Pr[C ′

t(n,N, ⌈N/2⌉ − α)] +
Pr[Ert(tN − (k + 1)(2α− p(N)) + 1, N)]− 1 ≥ 0.99747.
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APPENDIX

Proof of Corollary 16. Let us now consider the proof of
Corollary 16 in the case where d = 2e + 1. The proof is
quite similar to the case with d = 2e + 2. Although the first
half of the proof in Corollary 16 works for d = 2e + 1, we
start from the beginning since using set W ′

w instead of Ww is
better suited for our goal.

First we study the second binomial sum in the claim of
Theorem 12 when h = 3. Then we show that it gives
equivalent result with Corollary 16 when d = 2e+1. Since the
binomial sum in Equation (8) is equivalent with the binomial
sum in Equation (7), the claim follows.

Let us now consider the value we get for N3 in the second
binomial sum of Theorem 12 when h = 3. We have

N3 =V (n, ℓ− 1) +
∑
w≥ℓ

∑
(i2,i3,i4)∈W ′

w

(
n− 3e− 2

w − i2 − i3 − i4

)

·
(
e+ 1

i2

)(
e+ 1

i3

)(
e

i4

)
.

In what follows, we have renamed the indices for convenience
in such a way that i4 corresponds to i1 of Theorem 12
(the index i1 will be saved for later use in the proof).
Moreover, we have W ′

w = {(i2, i3, i4) | for j ∈ [2, 3] :
(w + 1 − ℓ)/2 ≤ ij ≤ e + 1 and (w − ℓ)/2 ≤ i4 ≤
e, w ≥ i2 + i3 + i4}. Again, if we have some binomial
coefficients with ij < 0 for some j, then we use the
common convention that the binomial coefficient attains the
value 0. Then, as in the case d = 2e + 2, we obtain that
N3 =

∑
w≥0

∑
(i2,i3,i4)∈W ′

w

(
n−3e−2

w−i2−i3−i4

)(
e+1
i2

)(
e+1
i3

)(
e
i4

)
.

Let us denote by i1 = w − i2 − i3 − i4. We again get that
2i2 ≥ i1 + i2 + i3 + i4 − ℓ+ 1 and similar inequality for i3.
Moreover, for i4, we have 2i4 ≥ i1 + i2 + i3 + i4 − ℓ. Since
we do not have to take into account the lower bound i1 ≥ 0
(the cases with i1 < 0 increase the binomial sum by 0) or
the cases with ij > e + 1 for j ∈ {2, 3, 4}, we can consider
following system of inequalities:

i2 ≥i1 + i3 + i4 − ℓ+ 1 (21)
i3 ≥i1 + i2 + i4 − ℓ+ 1 (22)
i4 ≥i1 + i2 + i3 − ℓ. (23)
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Our goal is to show that this system of inequalities is
equivalent with the following system of inequalities:

i4 ≤ ℓ− 1− i1, (24)
i3 ≤ ℓ− 1− i1, (25)

i1 + i3 + i4 − (ℓ− 1) ≤ i2 ≤ ℓ− 1/2− i1 − |i4 − i3 + 1/2|.
(26)

Let us first show that the second system of inequalities
follows from the first one.

Inequality (24) follows from

i4 = w− i1− i2− i3 ≤ w− i1− 2(w− ℓ+1)/2 = ℓ− 1− i1.

We obtain Inequality (25) in similar manner. Indeed,

i3 =w − i1 − i2 − i4

≤w − i1 − (w − ℓ+ 1)/2− (w − ℓ)/2

=ℓ− 1/2− i1

and the upper bound follows from the fact that i3 is an integer.
Moreover, from Inequalities (22) and (23) we obtain i2 ≤
ℓ−1/2−i1−i4−1/2+i3 and i2 ≤ ℓ−1/2−i1−i3+i4+1/2,
respectively. Together, these imply

i2 ≤ ℓ− 1/2− i1 − |i4 + 1/2− i3|.

Finally, the lower bound inequality in (26) follows directly
from (21).

Let us then show that the first system of inequalities
follows from the second one. First of all, Inequality (21)
follows immediately from Inequality (26). Assume first that
i4 + 1/2 > i3. Then the upper bound of Inequality (26) is
i2 ≤ ℓ − 1 − i1 − i4 + i3. This implies Inequality (22) and
inequality (23) since

i4 ≥ i3 ≥ i1 + i2 + i4 − ℓ+ 1 ≥ i1 + i2 + i3 − ℓ+ 1.

Notice that we cannot attain the lower bound in Inequality
(23) in this case.

When i3 > i4 + 1/2, then the upper bound of Inequality
(26) is i2 ≤ ℓ− i1 − i3 + i4. In this case i4 ≥ i1 + i2 + i3 − ℓ
and since i3 > i4, both lower bounds, (22) and (23), follow.

Finally, we may add lower bounds ij ≥ 0 for all j ∈
{1, 2, 3, 4} due to binomial coefficient context. Similarly we
notice that if i1 ≥ ℓ, then i3 < 0. Thus, we may also add
upper bound i1 ≤ ℓ − 1. Now, we are ready to compare this
bound with the bound of Theorem 2 by Yaakobi and Bruck.

When we have d = 2e+ 1, Theorem 2 can be presented in
the following way: Let
N ≥

∑
h1,h2,h3,h4

(
n−3e−2

h1

)(
e+1
h2

)(
e+1
h3

)(
e
h4

)
+ 1 for

• 0 ≤ h1 ≤ ℓ− 1,
• h1 − ℓ ≤ h4 ≤ ℓ− 1− h1,
• e+ 2− ℓ+ h1 ≤ h3 ≤ t− (h1 + h4) and
• max{h1−h3−h4+2e+2− ℓ, h1+h3+h4− ℓ+1} ≤
h2 ≤ ℓ− 1− (h1 + h4 − h3),

then L ≤ 2 for any e-error-correcting code C. Next, we modify
the presentation we got for N3 into the formulation above.

Let us denote by i′2 = e + 1 − i2 and by i′3 = e + 1 − i3.
Observe that

(
e+1
i′j

)
=
(
e+1
ij

)
for j ∈ {2, 3}. Notice that we

have i4 ≥ 0 ≥ i1 − ℓ and
(
e+1
i4

)
= 0 when i4 < 0. Hence,

we may just replace this lower bound by i1− ℓ. Moreover, we
have 0 ≤ i3 ≤ ℓ− 1− i1. Hence, e+1 ≥ i′3 ≥ i1 + e+2− ℓ.
Notice that t − (i1 + i4) ≥ e + 1 since i1 + i4 ≤ ℓ − 1 by
Inequality (24), and

(
e+1
i′3

)
= 0 when i′3 > e+ 1.

For i2 we have i1 + i3 + i4 − (ℓ − 1) ≤ i2 ≤ ℓ − 1/2 −
i1 − |i4 + 1/2− i3| and hence, ℓ− 1− (i1 + i4 − i′3) ≥ i′2 ≥
−ℓ+e+3/2+i1+|i4+1/2−i3| = e+3/2−ℓ+i1+|i4+i′3−
e−1/2| = max{i1− i′3− i4+2e+2− ℓ, i1+ i′3+ i4− ℓ+1}.
Hence, we get the claim.
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Lyon 1, Lyon, France and a Postdoctoral Researcher in University of Turku
between 2022 and 2023. Currently, he is a Postdoctoral Researcher at the
Department of Computer Science, University of Helsinki, Helsinki, Finland.
His current research interests include coding theory, graph theory, related areas
of discrete mathematics and security aspects of mobile networks and related
areas.

This article has been accepted for publication in IEEE Transactions on Information Theory. This is the author's version which has not been fully edited and 

content may change prior to final publication. Citation information: DOI 10.1109/TIT.2023.3318354

This work is licensed under a Creative Commons Attribution 4.0 License. For more information, see https://creativecommons.org/licenses/by/4.0/


