




arises between the General Data Protection Regulation’s
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concept and types of classifiers, and discusses GDPR’s implications for ML models.



Chapter 8 summarises the answers to the research questions, outlines the study’s contributions, 







ProPublica’s analysis concluded that the COMPAS algorithm was racially biased. Specifically, it 
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• Feedback bias happens when a model’s predictions influence the future data on which it is 

Although the primary focus of this thesis is on fairness, a model’s performance remains an important 



<adequate, relevant and limited to what is necessary in relation to the purposes for which they are 

processed.= This principle obliges data controllers to justify each element of personal data they 



the risk of leaks, but it may also impair the model’s abil

To meet the GDPR’s requirement for data protection by design and by default (Article 25), controllers 



are likely to propagate through to the model’s predictions (Feldman et al., 2015).
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(2002); Nikolić et al. 

model’s predictions are uncertain.



project’s objectives. 





According to Reddy et al. (2022), naive Bayes classifiers are based on Bayes’ Theorem and assume 
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require significant adaptation or cannot be directly applied due to the classifier’s inherent 
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of the GDPR’s data minimisation principle, including how it shapes feature selection and constrains 









race features. All correlation values were ≤ 0.22, indicating weak linear 

not entirely eliminate, the model’s ind



hot encoded using pandas’ 
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learn’s predictive



it alternates between updating the classifier’s 

weights to minimise prediction error and adjusting a set of <dual variables= that penalise violations 



generalised predictions. In the context of this study, regularisation is applied as a form of <unaware= 



’s 

<unaware= mitigation strategy in 
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score that may not accurately represent the model’s fairness for larger, more well

•

the threshold optimiser’s internal optimisation process can still introduce sl











model’s behaviour. 



learn’s implementation, as i

A Wald test was used to evaluate race as a group of predictors, with <Other= set as the reference 

learn’s LR model. The coefficients from this 
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bility estimates, meaning the model’s 
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the reliability of the fairness gains. These results suggest that LR’s simpler structure is more 
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creates mixed evidence for the GDPR’s <necessity= criter





These limitations indicate that the study’s findings should be interpreted in context. They also point 





<How effective are different bias mitigation methods across multiple supervised machine learning 

classifiers when access to sensitive data is restricted due to data minimisation?=

this study reinforces a regulatory dilemma: the GDPR’s data minimisation principle (Article 5(1)(c); 
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author’s own judgment and if they aligned with the thesis objectives


